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Abstract

We investigate impacts of two major increases in minimum wage of Thailand
in 2012, and 2013. In spite of the large increase in average wage induced by the
hike, the effect on employment is positive. Given that roughly 40% of daily wage
samples are less than the minimum wage, we build and estimate a model that
incorporate (minimum wage) compliance decision. We use switching regressions
to estimate the gap in wages between above and below minimum wage. This gap
is sizable and statistically significant for daily wage, but small and statistically
insignificant for monthly wage.

When the employer’s probability for compliance is included in the employment
probability of individuals, we find that the higher compliance rate positively in-
fluence the employment probability. These findings strongly suggest that the
minimum wage hike in 2012713 induced north-eastward shift of the equilibrium
along the labor supply schedule. In the last part of the analysis, we offer a va-
riety of circumstantial evidence in support of tacit collusion among large scale
employers in setting daily wages.
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1 Introduction

The Red Queen shook her head. "You may call it 'nonsense’ if you like,"
she said, "but I’ve heard nonsense, compared with which that would be as
sensible as a dictionary!” !’

The literature on minimum wage has always been contentious, riddled with sociopo-
litical controversies. In the case of developing economies, the minimum wage controver-
sies have added layers of complexity: problems of data availability, quality, and, above
all, the (in-) effectiveness of the minimum wage law.

Among the more important issues of the effectiveness of minimum wage in developing
countries is the low, and often unknown, compliance rate. There is little doubt that
the limited capacity of government to implement and monitor the adherence to the
legislation lies at the root of the problem. Del Capiro et al. (2014) take up this issue
using Thailand data. After citing Leckcivilize (2013) on poor quality of monitoring
and extremely low rate of imposition of penalty against labor law violations in the
country, they ask themselves: Therefore, noncompliance with Thai minimum wages may
be relevant even for formal employees, and the following questions are warranted: Are
Thai covered employees actually paid at or above the minimum wage? Who are and who
aren’t? (Del Capiro et al 2014). As a matter of fact, Del Capiro is not the first paper
to address the issue of compliance of the minimum wage in developing countries. We
have a fairly impressive list of papers, each one looking into the issue of non-compliance
in a long list of developing countries?.

In this paper, we take a step further and modify their question: if the government
cannot effectively enforce the minimum wage and there exists virtually no probability of
substantive penalty against violation, why does any employer bother to comply with the
minimum wage? This question is relevant because, as we will show shortly, a significant
portion of employers, actually a majority in the case of Thailand, do comply with the
minimum wage in spite of the fact that there is little chance that the non-compliance
is detected and penalized. The issue is important in assessing the impact of a change
in minimum wage as there is every reason to believe that a change in minimum wage
induces individual employers to reconsider their (non-) compliance decision. It also
goes without saying that non-compliance does not imply that the minimum wage is
ignored in setting (below minimum) wages. As a matter of fact, many studies of the
wage impacts in developing countries show significant and quantitatively large positive
effects of minimum wage changes on wages below minimum wage (Rama (2001)).

In this paper, we use micro data of Thailand labor force survey to estimate impacts
of minimum wage changes on wage distribution, (non-) employment, and spill over

!Lewis Carroll Through the Looking Glass

2’Formal’ in the sense that the employees are covered by social security, such as unemployment
benefits. Unfortunately, Labor Force Survey does not have information on individual coverages.

3 Alatas and Cameron (2003), Rama(2003) and Bird and Manning (2008) use Indonesian data, Rani
and coauthors (2013) compile studies using Latin America. See also Worldbank (2008) for a selected
survey.



effects on self employment. Crucial to the whole range of the analysis is that they are
jointly determined with employers’ compliance decision.

Thailand offers an interesting case study for several reasons. For one thing, the
country has underwent two major hikes in the minimum wage, in 2012, and 2013.
In April 2012, minimum wage was increased by roughly 40%, and, in anticipation of
the scheduled increase in the next year, the minimum wage of 8 provinces (including
Metropolitan Bangkok area) were increased to 300 bahts per day. On January 2013,
all provincial minimum wages were set at 300 bahts per day. After the two jumps, real
minimum wage rose by 70%, compared to March 2012, one month before the start of
major hikes. Using the latest data that covers up to second quarter of 2013, we can
trace out the impact of these wage hikes.

The micro data on wages are comprised mostly of those paid daily or monthly
wages. We show that these two types of wages exhibit contrasting patterns in terms of
the impact on minimum wage. As workers paid daily wages tend to be less educated
and less skilled, and on average paid lower wages, the distinction between daily and
monthly wages is often useful in disentangling direct and indirect effects of the changes
in minimum wage®.

Historically, minimum wage in Thailand had been set for each province with (if any)
very limited correlation with interprovincial variations in the cost of living, industry
and employment structure, etc. In spite of the frequent changes in minimum wage,
we show that the real value of minimum wage declined from 1997 until the 201272013
major increases. The long run effect of the decline of real minimum wage is indeed
important not just by itself, but as a precondition in which the 2012713 increases were
played out.

Thailand is a very interesting example also in terms of the compliance decisions: as
we will show shortly, the non compliance comprises a significant portion of employment,
although in terms of total employment share, majority are indeed paid on or above
minimum wage.

This paper focuses mostly, but not exclusively, upon the major minimum wage hikes
taken place in 2012 and 2013. Moreover, we pay particular attention to the impact on
employment and wages of those who receive daily wages. As we show below, daily wages
are most directly influenced by minimum wage, whereas we find the impact on monthly
wages are weaker and mostly statistically insignificant. Thus the analysis of wage
and employment of monthly wage earners serves as the benchmark against which we
highlight the minimum wage impacts on employment and wages of daily wage earners.

We summarize the major findings. First of all, we find that the employment impact
of minimum wage increase in 2012-13 is overall positive, and that the positive impact
is larger for those paid daily wage. The impact is either small or negative for those who
are paid monthly wage. If we look more closely to those paid close to minimum wage,
our estimate shows that the impact is positive if they are more likely to be employed
by firms who comply with the minimum wage.

4In Labor Force Survey micro data, 58% of individual wage data are monthly wages, and 32% daily.
Among workers paid different types of wages, average years of schooling is highest at 11.7 for monthly
wage earners, whereas those paid daily wage have the lowest average, 6.0 years of schooling.



In short, we find strong employment expansion at firms complying with the minimum
wage increases, whereas those who fail to comply witness their employment to decline.
In the main empirical analysis, we employ a switching regression to estimate treatment
effects, i.e., the estimate of the wage gap between those above and below minimum
wage. Our estimate indicate that this gap is roughly .45 log points of the minimum
wage. We show also estimated treatment effects vary inversely with the employer size.

When the effect of the compliance decision on labor supply are estimated using
probit and m-probit model, we find statistically significant, and quantitatively large,
positive impact of the average compliance shares in each province on employment prob-
ability. We also find counterbalancing negative impact on self employment. Thus the
higher share of employers offering above minimum wage induces strong substitution
away from self employment into employment.

These findings jointly suggest that the changes induced by the minimum wage hike
can be understood as the north eastward shift along the labor supply curve if we limit
our attention to daily wage sector. This observation leads us to examine a variety of
evidence related to the change and we conclude that they are strongly suggestive of
tacit collusion among large scale firms in setting daily wages, using the minimum wage
as their focal wage. On the other hand, there is no such evidence for samples of monthly
wage earners.

The remainder of the paper is organized as follows. In the next section, we overview
changes in the minimum wage and employment in Thailand for the last twenty years.
We show that the real wage as well as real minimum wages had declined since 1997
financial crisis until the most recent increases in minimum wage in 2012 and 2013. We
also show the increase in wage polarization among monthly wages, but not in daily
wages. In the latter half of the section, we look closely the non-compliance issue.
We show that, even before the 2012 minimum wage increase, a significant portion
of employment had been at below minimum wage: the non-compliance is not a new
phenomenon caused by the most recent hikes in the minimum wage.

In Section 3, we develop a simple model of labor market with heterogenous labors
incorporating endogenous compliance decision. We will show that the impact of mini-
mum wage change on employment and wage differs markedly from the textbook model
of competitive market with full compliance. In particular, we find that through the
impact on compliance decision, the minimum wage changes exert largely uniform in-
crease in wage in both above and below minimum wage (lighthouse effect). The impact
on employment differs: it is negative for those paid below minimum wage, whereas it
is positive for those above minimum wage. In the last part of the model analysis,
we introduce collusion among firms offering on or above minimum wage and find that
the increase in minimum wage in that case leads to increase in overall employment,
and, at the same time the increase produces wage compression among colluding firms.
Appendix 1 generalizes of the model in Section 3 to the case of imperfect substitution
among heterogenous labor.

First part of main empirical results are in Section 4, wherein we estimate two key
regressions. One is switching regressions in which compliance decision estimates are fed
into two (below and above minimum wage) separate wage regressions. The estimated



treatment effect can be considered as the cost of non-compliance. The second main
result is the probit and m-probit regressions for employment. In the probit regression,
we estimate the probability that a sample individual choose to be employed over other
choices (non-participation and self employment). In m-probit regressions, we estimate
choice probabilities over non-participation, self employment and employed. In both
types of regressions, we find highly significant and quantitatively large positive impact
on employment by the average probability that their employers comply with the mini-
mum wage. Namely, employment probability is higher if their potential employers are
more likely to comply with the minimum wage. In m-probit regression, we also find
counter-balancing negative effect of this variable on the probability of self-employed.
Thus we conclude that the positive employment effect represents mostly the switching
from self employment to employed when they are more likely to find employers offering
above minimum wage.

Given these findings from Section 4, Section 5 presents a variety of evidence in
support of the conjecture that the positive employment impact of minimum wage com-
pliance is due to a tacit collusion among large scale firms in wage setting. We show
that daily wage distribution of workers employed at large firms are highly concentrated
around the minimum wage. We find that the share of workers both below and above
minimum wage is significantly smaller than the corresponding shares at smaller firms.
Those employed at large firms are mostly paid above minimum wage but they are
under-paid relative to the prediction of a Mincerian wage model. We also show the
positive correlations among compliance rate, wage distortion and employment. None
of these peculiarities can be detected for those paid monthly wages at large scale firms.
Taken together, we conclude that they comprise a fairly strong circumstantial evidence
for the collusive wage setting among large scale employers. A brief concluding remark
follows. The Appendix contains an extension of the model in section 3, details of data
compilations, additional estimation results and figures.

2 Minimum wage and employment in Thailand

In this preview section, we offer a bird’s eye view of Thailand labor market since late
1990’s wherein the economy was hit by Asian financial crisis. The minimum wage
policy appears deeply influenced by the severe impact of the crisis. We review historical
changes in minimum wage and long run changes in the structure of the labor market
in the last two decades.

2.1 Decline in real wage and real minimum wage after 1997
crisis

As is well documented in earlier works, the real value of minimum wage steadily declined

from October 1996 until April 2012, in spite of the fact the minimum wage was adjusted
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Figure 1: Except for real per capita GDP, all figures are converted into real values using 2005
CPI. Then all figures are normalized by February 1997 figures.

16 times®. See Appendix Table A2 for the details of changes in minimum wage from
1989 til 2013. Figure 1 shows real per capita GDP, real minimum wage, average real
daily wage, and average real monthly wages® all normalized by respective February
1997 (immediately before the onset of financial crisis) figures. Figure 1 shows these
indices up to March 2012, i.e., the situation immediately before the major minimum
wage increases. As can be seen from the figure, the real minimum wage peaked out in
1996 and this peak figure was not regained until the 2012-13 increases in the minimum
wage. By the end of 2011, immediately before the increases, the real minimum wage was
lower than the 1996 value by more than 17%. The minimum wage lagged behind both
daily and monthly wages, which in turn lagged way behind the steady increase in per
capita GDP. Given the faster growth of real minimum wage prior to the financial crisis
in 1997, it is possible that the subsequent decline of the real minimum wage reflects the
conscious efforts by government to curtail wage growth, in response to the widespread
concern that the country may lose the competitive edge against the emerging China in
the international trade.

Against the background of stagnant growth in real wages during the period between
the late 1990’s until late 2000’s, wage polarizations continued: both at the bottom and

°To be exact, there have been several isolated incidences of small downward adjustments: in July
2001 ( 273 bahts 7 provinces), January 2004 (17 provinces all by 1 baht), and January 2004 (1 province
by 1 baht).

6Tn the rest of the paper, we use only daily and monthly wage samples for workers who reported
35 or more working hours. We exclude those working less than 35. Due to difficulty in conversion of
reported wages into daily equivalent, and also due to small sample size, we do not include those paid
hourly wages or in other forms.
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Figure 2: Daily and monthly wages of full time (35 hours per week or more) workers.

upper end of the wage distribution registered high wage growth, whereas the middle
range wages stagnated. Figure 2 shows, however, this polarization is applicable only
for those paid monthly wages. The wage growth pattern across percentile displays clear
inverted U shape among daily wage earners (as opposed to U-shape for month wages).

Although the underlying factor responsible for polarization (among month wage
earners) is not our principal research objective, it is worthwhile to confirm the follow-
ing points. First of all, the impact of minimum wage on wage distribution seems quite
different between daily and monthly wages. Among the daily wage samples, we detect
strong trend of wage compression: wage growth is consistently higher at lower per-
centiles of daily wage distribution. On the other hand, among monthly wage samples,
we see a clear pattern of wage polarization (Lathapipat 2009)

When we focus on the changes in distribution of daily wages, a different view
emerges. At the least, the sharp wage increase following the two major hikes in min-
imum wage in 2012 and 2013 suggests that the declining real minimum wage may be
responsible for the stagnation of daily wages in earlier periods. As a matter of fact, there
is strong indication that the minimum wage hikes do induce upward wage adjustments
for those around or below minimum wage.

In Figure 3, we show wage growths at each percentile point after minimum wage
hikes, and those without changes in minimum wage. It is seen clearly that the wage
increase is much higher for daily wages in months following minimum wage increases,
especially so at lower percentiles of the distribution. The contrast is quite sharp between
months after the change and months without change. No such major differences are
observed for monthly wages, except at the extreme lower end of the percentile.
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Figure 3: See Table A1 for the list of major changes in minimum wage. Wages for full
time workers.

2.2 Minimum wage non-Compliance

Having confirmed the strong impact of minimum wage changes on daily wages, it may
seem that the minimum wage is rather strictly adhered to in the country. Our data
shows, however, non compliance is widespread”. Among daily wage workers, more than
one third are paid less than the minimum wage in June 2013. The shares are much
smaller for workers with monthly salary, but still sizable: 10.9% if we divide monthly
salary by 22.5, or 25.3%8, if we divide it by 30. See Figure 4. The figure shows the
declining trend of the share of workers with less than minimum wage up until the two
major hikes in the minimum wages in 2012 and 2013.

Needless to say, regional disparity exists: Table 1° shows the share of wage observa-

"The law stipulates the following workers are exempt from the minimum wage requirement. (1)
employees of central and local governments, and government enterprises, (2) agricultural workers,
home workers, self employed (3) short time (part time) workers. In this paper, we do not distinguish
between non-compliance (i.e., wages below minimum paid to workers in the covered sector), and wages
below minimum paid to workers in exempt sectors. As we will show in section 2, the distinction is not
particularly meaningful in our model. We also conducted switching regressions using only non-exempt
workers. The main findings are not materially affected by this change. See Appendix A3 and A4 for
the results.

8There does not seem any well defined conversion method to compute daily equivalent of monthly
wages. My preference is to divide monthly wage by 22.5, which is closest to the average actual
work days per month. This is computed using 5 and a half work days per week with 15-17 national
holidays added as non-work days. Dividing monthly wage by 30 is often used as convention. In
what follows, we use monthly wage/22.5 as the daily wage equivalent of the monthly wage data,
with occasional supplementary data using conversion by 30. Although the share of noncompliance
does depends crucially on this conversion parameter,qualitative features and the regression analysis of
monthly wages are robust to changes in the use of conversion ratio.

9The samples reporting less than 35 hours of work in the survey week is excluded, See Table A6 for
the same tabulations further excluding workers exempted from minimum wage regulations. See also
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Figure 4: Wages for full time workers.

Table dMinimum Wage [compliance

daily Wage monthly Wage/22.5
compareddmhinimumwage
lesshan equallfd morelhan lessfhan equalfd morelfhan
Bangkok 0.146 0.583 0.271 0.043 0.000 0.943

Central 0.315 0.223 0.462 0.073 0.000 0.924
East 0.321 0.197 0.482 0.074 0.000 0.922
West 0.427 0.188 0.385 0.099 0.000 0.895
North 0.530 0.129 0.341 0.109 0.001 0.885
Northeast 0.483 0.140 0.377 0.153 0.001 0.843
South 0.391 0.154 0.454 0.115 0.000 0.882
Total 0.395 0.222 0.383 0.096 0.000 0.897

Figures(id@achlcellis fheshare fwage[Samples [hat(are [@ss fhan, [Equalfd, (or hore fhan [minimum
wage. [Bullfime Morkers [B5Hours [per eek [ar [More) [anly

tions with less than minimum wage across seven regions, using the last 18 months’ sam-
ples (in 201272013). Not surprisingly, non-compliance shares are smallest in Bangkok,
and largest in North and Northeastern regions, which are primarily rural and agricul-
ture economy (see Figure 13 in Appendix). The strong impact of two major hikes are
visible: in Bangkok and neighboring provinces, 58% of daily wage workers now receive
exactly 300 thb, minimum wage. Adding 15% of those receiving less than minimum
wage, more than 70% of daily wage workers in Bangkok earns less than or equal to
minimum wage. Situations are somewhat less extreme in other regions, but still in all
regions, majority of daily wage workers earns less than or equal to the minimum wage
in 2012 to 2013.

In spite of widespread non compliance of daily wages, the impact of minimum wage
change on wage distribution is strong, especially among those paid daily wages. For

footnote 6.



example, by comparing percentile wage distributions for each province and month,
we find that after minimum wage increase, if a percentile wages is less than the new
minimum wage at the month immediately before the change, the average percentile wage
increases by .067 log points after 6 months, whereas in percentiles whose wages are more
than the minimum wage in the month immediately before, the average increase is .042
log points after 6 months. Therefore daily wages do respond to changes in minimum
wage, more strongly so if the wage falls short of the minimum wage.
To quantify the overall magnitude of non compliance, we compute the following gap
measure ‘ ‘
gap! — 1 | Z max((),iu; —wy)
#(J(2)) Wy

wherein i denotes province and J(7) is the set of wage observations in province i, time
t. Thus gap! is the sum of deficiency in wage compared to minimum wage divided by
the number of wage samples in each province. For example, if this number is .2, it
means that to increase all wages less than minimum wages up to the minimum wage,
the magnitude of the needed wage increase is comparable to average wage increase by
20% of the minimum wage.

The point of this measure is that it represents overall depth and width of the wage
deficiency relative to the minimum wage. For example, it is possible that the majority
of workers are paid less than the minimum, but their wages are very close to the
minimum. If so, even though the non compliance is widespread, the gap measure
should be relatively small. Figure 5 shows two gap measures (for daily and monthly
wages) over time. We again notice two sharp increases in gap measures after 2012-2013
minimum wage increases, and steady downward trends prior to these sharp increases.
By mid 2013, the gap is about .12 for daily wages. It means that in order to lift all the
below minimum wages to the minimum wage, you need the increase equivalent to 36
bahts increase of all daily wages.

Declines after sharp increases due to minimum wage increases show that the response
of below minimum wages to the increase in minimum wage.

JEJ(3)

2.3 Impact of minimum wage changes on wage distribution

Figure 6 shows changes in percentile distribution after changes in minimum wage in
2011 and 2012713. Four figures on the left compare distributions in March 2012, the
month immediately before the first wage hike, and June 2013, 6 months after the second
wage hike. The impact is highly visible in daily wage distribution: by June 2013, full
50% of wages (from 34 to 83 percentile) are exactly 300 thb, the national minimum
wage. This can be compared against the distribution in March 2012, where only 7%
(from 14 to 20 percentile) of wages are equal to minimum wage at that time. The sea
change generated by the 2012713 hike can be confirmed also by the lower left panel of
the figure for percentile distribution of the daily wage/minimum wage ratio: In March
2012, only 13% of daily wage observations were below minimum wage, and top quartile
(75%) wages are 50% or more higher than the minimum wage. By June 2013, only

10
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Figure 5: Gap measures as defined in the main text

top 2% daily wages are 50% or more higher than the new minimum wage. On the
other hand, the impact of minimum wage changes look far more limited in the case of
monthly wages shown on the right column of the figure. Even among monthly wages,
by June 2013, a full quarter (from 28 to 52 percentile) of wage observations are exactly
minimum wage (after converting monthly wages into daily equivalent by dividing 30),
whereas, in March 2012, only 2% of monthly wages are equal to minimum wages then.

Thus it appears though that the 2012713 hikes in minimum wage indeed exerted
sizable impact on wages, especially on daily wages. By June 2013, daily wage distribu-
tions are highly concentrated around minimum wage, with roughly a one third of daily
wages less than the minimum wage.

These visible impacts on wage distribution can be contrasted against earlier episode
of the minimum wage increase in 2011. They are shown in four graphs on the right of
Figure 6. In January 2011, the minimum wage was increased by about 6%. Although
sizable, the change in minimum wage had very little, if any, impact on wage distribu-
tions. Especially on monthly wages, the distribution remained virtually unchanged.

Thus, except for the two major increases in 2012-2013, the effect of minimum wage
adjustment in the past has been modest, and limited mostly to the daily wage earners.
This is hardly surprising, however, in view of the fact that the real minimum wage has
declined since 1997 financial crisis until the major increase in minimum wage in April
201219,

10Because of steady and sizable increase in CPI, the impact of sporadic increase in minimum wage
had been washed away within a short period in real terms. For example, in January 2011, minimum
wage was increased to 177 bahts from 166 bahts (both in national averages). Measured in real value,
about one half of this impact was washed away within 6 months, and all but evaporated by the time
of April 2012 increase.

11
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Figure 6: The figure contain 8 graphs. Four graphs in left are for 201272013, and
the right half are for 2011. In each, upper row are for daily wages, and lower row for
monthly wage. In each row, the figure on the left shows wage percentiles, whereas the
one on the right shows percentile distribution of wage/minimum wage ratios.
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2.4 Minimum wage impact on employment

To highlight changes after the changes in minimum wage, Figure 7 show employment
and self employment rates normalized by taking the ratio to the value in the month
immediately before the minimum wage change. Vertical lines indicate the timing of the
increases in minimum wage. For example, figures in January 2013 and after are ratios
of the employment rate in each month to the one in December 2012, one month before
(the second wave of) the major increase in the minimum wage. For an naked eye, it is
not at all clear that any major changes followed after the changes in minimum wage.
Table 2 shows changes in the employment rate after 5 major episodes of mini-
mum wage increase. We compare 6 months average employment before and after each
change'!. Again, there is little indication that the minimum wage change exerted a ma-
jor negative impact on employment, except possibly for two earlier episodes in 1992 and
1995. On the contrary, major hikes in 2012-2013 seems, if anything, generated sizable

11Gee Table A6 for the full tablulation.

13



Table 2MEmployment[Ghanges [@fter[Mlinimum\W/age Ihcreases

Minimum April20120  January

January[2013  April2012 JulyB95  April1092

wagelchanges January[2013 2008
Reference  Beforelchange JulyMDec012  Oct2011March Oct2011March2 July[Dec2007 Feb[995 BebAug 995
Period Afterichange Jan@un2013  AprBep@012  Janfun@013  Janfun[2008 Aprfi992 Feb@ug 1992
Bangkok na* 1.219 1.248 1.006 0.968 0.914
Central 1.270 1.045 1.001 1.049 1.001 0.996
East 1.297 1.004 0.998 1.104 0.961 0.962
Region West 1.343 0.943 1.021 1.040 0.970 1.101
Noth 1.274 0.975 1.034 1.150 0.854 0.908
Northeast 1.452 0.993 1.187 1.268 0.624 0.660
South 1.293 0.985 1.015 1.022 1.072 1.176
Total 1.322 1.024 1.072 1.091 0.921 0.931

*Bangkokltégionminimum Mage Wascreased fd 300thb [an [April 2012 @nd Mo frtherlchangeshade [dn [Tanuary 2013

expansion in employment, especially in Bangkok and other high income areas!?. This
applies also to the increase in 2008. The apparent positive impact on employment in
2012-2013 may be misleading if, for example, those provinces where the compliance rate
was low gained in employment at the expense of regions where most employers complied
the regulation and increased their wage in line with the higher minimum wage. Figure
8 below shows this is not the case. On the contrary, when we compute province wise
changes in employment, employment increases after minimum wage increase if wages
are increased accordingly. Figure 8 indicates that, at province level, strong positive
correlation between changes in employment and compliance rate'.

On the other hand, we find no significant correlation between the two variables for
the sample of workers receiving monthly wage'*. In Appendix Table A6, we show
changes in employment in 13 major episodes of increases in minimum wage. The in-
crease in 201272013 produced roughly 778% increase in employment of daily wage
workers, whereas the employment of monthly workers declined by 3%. There is indi-
cation also that employers increased their employment more if they complied with the
higher minimum wage. All in all, these simple tabulations indicate strongly that a text-
book model of minimum wage increase on wage and employment cannot be expected
to explain the observed outcomes in wage and employment after changes in minimum
wage.

Then, the crucial question is: why a sharp increase in wage after 2012 minimum
wage hike apparently had no major detrimental effect on employment? Instead, the

12There is one catch on this number. In late 2011, Bangkok and nearby provinces were hit by a
major flood of Chaoprhaya river that runs through the central regions and ends in Gulf of Thailand,
directly south of Bangkok. Thus the employment before April 2012 is likely to be abnormally lower
due to the stoppage of production at major manufacturing facilities. Fortunately, the main results
reported below are not materially influenced by the impact of the flood. See Appendix 3.

13The correlation is more pronounced among the daily wage earners if we limit the sample to those
with lower education attainment.

14In a simple regression of changes in employment over the average compliance rate, the coefficient
is slightly negative but insignificant for the sample of monthly wage earners.
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Wage and employment changes
after major increases in minimum wage

Changes in compliance rate

‘0 Changes in employment Linear prediction ‘

Figure 8: See Table 2 for the list of major changes in minimum wage. Each point represents
respective averages of changes in employment and compliance rate in each cell defined by
province and areatype.

wage hike seems to have generated expansion of employment among those paid daily
wages.

It is not obvious how these findings can be reconciled with the analysis of minimum
wage in the competitive labor market. At least we need to build a model that can
capture three crucial aspects of the impact of minimum wage increase. First of all,
given that the sizable and changing share of non-compliance to minimum wage, we
need to incorporate minimum wage compliance decision. Worker heterogeneity seems
also essential aspect as we found significant differences in impacts between daily and
monthly wage earners. Finally, given the regional disparities, we need a model that
can encompass wide ranges of outcomes, depending upon the market structure (to be
defined below) and other pre-conditions. We take up these issues in the next section.

3 A model of voluntary compliance to minimum
wage

3.1 Cost of non compliance

It is well known that non-negligible portion of employment in developing countries are
at below minimum wage. Wages below minimum wage can be found not just in sectors
exempt from the minimum wage legislations, but also among employment at formal
sectors.

Starting from the pioneering work by Aschenfelter and Smith (1979), the most
common approach for modeling the compliance decision invokes the probability that non
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compliance is detected by regulatory agency and the penalty imposed!®. The implied
expected cost of non-compliance is then compared with the benefit from adjusting the
wage freely (to below minimum wage). Under such a model, (partial) compliance is
ensured only by the presence of detection and the penalty imposed for the violation of
minimum wage'®.

Applying this model for empirical analysis requires data on inspection, monitor-
ing, and penal actions taken by the regulatory agency. How plausible is this model of
penalty and detection? For employer compliance decision in Thailand, it seems rather
farfetched. In Leckcivilize (2013), he reports a record of inspection in Thailand by
Department of Labor Protection and Welfare in which roughly 10715% of establish-
ments in the country are inspected each year. Roughly 15% of the inspections found
violations and roughly a quarter of these violations are below minimum wage. The
penal actions taken by the government are rather mild and a great majority of them
were simply given warnings, with only .3% !! of all the violations found resulted in fine
imposed or more severe judicial actions'”.

Setting aside empirical problems of identifying and quantifying detection proba-
bilities and the size of penalty, compliance decision model based upon penalty leaves
several key questions unanswered.

First of all, existing empirical works find that the non-compliance is systematically
associated with a host of variables pertaining to the characteristics of employers'®.
For example, it is well known that the compliance rate is increasing in the size of
employer. Industry characteristics also serves as good predictor on compliance. It is
not immediately clear why these employer characteristics are systematically correlated
with compliance if the decision is based solely on the probability of detection and the
size of penalty.

Moreover, the model of detection and penalty is at best incomplete in so far as the
model offers no prediction on who are more likely to be employed at non-compliance
firms, whereas we have ample empirical evidence showing that the worker characteristics
systematically predict the probability that she is employed at a (non-) compliance firm.
The crucial ingredient lacking in monitoring-penalty models is the worker heterogeneity.

Our approach focuses on the voluntary aspect of compliance decision, or, to put it
differently, on compliance decisions through (non-penalty) costs and benefits of com-

15See for example, Lemos(2009), Yanis(2007) for the extension of the base model, Basu et al (2010)
examines the consequences of limited commitment ability of the government to enforce the law.

16The key condition for the compliance exploited in the empirical part of the paper are (1) the gap
between competitive wage rate and the minimum wage, and (2) the demand elasticity. If the demand
is elastic, the cost of compliance is larger, hence more likely to set below minimum wage.

1"Leckcivilize also cites:In terms of penalty, according to Labour Protection Act 199821, any em-
ployers paying wages lower than the legislative minimum are liable for a fine not exceeding 100,000
baht or up to 6-month imprisonment or both. Based on minimum wages in 2001, the upper limit of
this fine is worth more than 600 worker-days for every province, which is a high penalty for employers
in smaller firms. But, again, these numbers hardly matter if the probability of detection and penatly
charged is practically nil.

18See, for example, Weil(2005).
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pliance, unrelated to the penalty of violation'”.

We believe that the benefit from compliance is particularly important when employ-
ers try to hire workers. Even if the effective monitoring of minimum wage compliance
is virtually non-existent, no employer try to use public employment agency if they set
(and announce) wage below the statutory minimum. By setting wage below the min-
imum, they are often denied access to (public and private) employment agencies and
a variety of media used for vacancy posting, such as newspaper or web cites, as they
obviously have their own reputation to keep and they are most likely to avoid posting
job slots with a below minimum wage. The upshot of the argument is that by setting
below minimum wage, a variety of organizations forming the labor market become un-
available or inaccessible. Thus we hypothesize that the employers incur additional cost
in hiring if they do not comply the minimum wage regulation.

Below, we incorporate the cost of non-compliance in a simple model of labor market.

3.2 Model

3.2.1 A competitive equilibrium without minimum wage

Assume that the competitive labor market is populated by workers whose innate pro-
ductivity, e, is drawn from the cumulative distribution, F'(e). F is continuous and its
density, f, is strictly positive in the support [eg e1]. We drastically simplify the analysis
by assuming that heterogenous workers are mutually perfect substitutes as employees
so that the competitive employers care only about the total labor inputs and its cost
measured in terms of efficiency unit. For subsequent analysis, it is convenient to convert
the population distribution into efficiency unit. Define

n(e)de

=

8

[l
S 25—

as the labor force measured in efficiency unit whose productivity is at least . Denote
by w the wage rate per efficiency unit of labor. Thus type e workers facing wage per
unit of efficiency w is paid we. Per person wage rate for type e worker is denoted
by w(e). We assume a particularly simple participation decision: we use A(w) as the
participation rate for all the workers when the wage rate per efficiency unit is w. In

19This is not meant to deny the potential explanatory power of detection-penalty model. Qur point
here is that we simply lack any reliable data on establishment basis pertaining to the probability of
detection and the expected size of penalty.
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other words, A(w) is the share of workers whose self employment option yields at most
we of outputs.
N(w)>0,0<\Mw) <1

Participation rate is assumed to be strictly positive and less than unity for any finite
and positive value of w. Then, the supply schedule facing potential employers are given
simply by

S(w) = AMw)N

On employer side, consider a simple production function using only labor as inputs
so that the first order condition is given by

QD) = w,
0

?
E
A

The equation above can be solved to obtain the economy wide labor demand:
D = D(w)
Then, the balance between supply and demand implies

D(w) = Aw)N, (E1)

which can be solved to obtain the equilibrium wage rate w* per efficiency unit of labor.
Thus the equilibrium wage rate for type e worker is given by

w(e) = w'e

3.2.2 Minimum wage with perfect compliance

Suppose now that the minimum wage,w is imposed. In the spirit of the minimum wage
policy, it is set as the minimum wage per person, not in efficiency unit. Then, at an
efficiency unit wage rate w , workers whose innate productivity lower than

e =

€ lgl

are rationed out as their per person wage rate are below the minimum. Hence the
effective labor supply becomes

Then we obtain



as the equilibrium condition with binding minimum wage. We call a minimum wage to

be binding if
> €p

) &l

so that at least some of low productivity workers cannot find job because of the mini-
mum wage. Comparing (E2) with (E1), it is immediate that

In what follows, we denote by 1, % change of variable  when minimum wage changes

by 1%.

_ dlog(z)
= = dlog(w)
Log differencing (E2), we get
M= ———— >0

€A+€N+€D

wherein €,(x = A\, N, D) denotes respective elasticity with respect to its argument.
Thus, as the minimum wage rises, the equilibrium wage rate also rises, but the change is
less than proportionate so that the increase necessarily raises the threshold, %, inducing
more rationing. The flip side of the rationing is that for those above threshold, the
employment expands. We have

EDEN

—~ e - = - 0
,r’D(w) €EDNG ex+en +ep )

EXEN
o) = € = —>0.
@) AN ex+en + €p

To sum up:

Lemma 1 When minimum wage is imposed and if it is binding, the efficiency unit
wage rate exceeds the one under the competitive equilibrium without minimum wage,
and, those workers below the threshold productivity, € = %, will be rationed and cannot
find a job. On the other hand, workers with productivity € or above receive higher
wage rate than before and their participation rate is higher. An increase in minimum
wage brings about a less than proportionate increase in equilibrium wage. Hence more
rationing and further expansion of employment above minimum wage.

3.3 Equilibrium with Cost of non-compliance

We now consider the compliance decision. As we discussed earlier, our goal is to relate
the compliance decision to the cost and benefit of compliance. We assume that offering
a wage in compliance with the minimum wage grants the employer with the access to the
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external labor market for hiring. If the employer decides not to comply, the recruitment
must be done informally, through word of mouth communications, mediation by the
current employee, etc. The upshot of relying upon informal recruitment is that it lacks
information on applicants. We highlight this aspect by assuming that it costs ¢ per
applicant to ascertain his innate productivity, which is necessary to determine each
productivity and appropriate wage.

Denote by w® the efficiency unit wage rate for complying employers. The corre-
sponding wage rate per person is

w(e) =wle>w

Since workers measured in efficiency unit are perfect substitute, the wage rate per
person in non-complying sector must satisfy

wh(e) =w% — ¢

so that the per capita wage rate plus the recruitment cost is equal to w®(e). In the
competitive equilibrium, the cost ¢ is born by workers taking up less than minimum
wage jobs. Then, the wage rate per efficiency unit at the non-compliance employers is

Ny, €
wh(e) =w .
Then the supply is given by
o\ c w o«
S(w*) = AMw")N (_wc> +/ AMw® — E)n(e)de

whereas the demand schedule (including both complying and non-complying employers)
remain unchanged. Thus the competitive equilibrium in this case is a solution to

w

D) =2 (6 )+ [ 2w = Ontelae (E3)

Notice that the supply to non-complying employers are depressed due to the cost im-
posed by the non-compliance. As the share of employment in non-compliance sector is
increasing in the minimum wage, the equilibrium efficiency unit wage is increasing in
the minimum wage.

Log differentiation of (E3), we have

. (1 — S)GN
Mot = T U —s+0s)ert (L—s)en’
. = AwY)N (%)




Hence we get

(1 — s)enex
>0
M) ep+ (1 —s+6s)ex+ (1 —s)en ’
(1 — S)ENED
nD(wC) <0

e+ (1—s+6s)ex—+ (1 — s)ew

Thus, like in the complete compliance case, an increase in minimum wage has disem-
ployment effect over all. The difference is that the disemployment effect is not rationing
due to higher wage, but due to the negative effect of the cost of non-compliance on
the labor supply. Moreover, the increase in equilibrium wage is smaller compared to
the perfect compliance case. Hence both overall disemployment effect and expansion of
employment above minimum wage are smaller.

Lemma 2 Competitive equilibrium with endogenous compliance decision on minimum
wage is a solution to (E3) and the equilibrium efficiency unit wage is

w® = w(c)
with P
w
1>—>0
oc
so that the equilibrium wage rate is higher for complying firms, and lower for non-
complying firms. The total employment is smaller, compared to the competitive equilib-
rium without minimum wage, whereas it is larger in comparison to the case wherein the
compliance is complete. An increase in minimum wage result in less than proportionate
increase in equilibrium wage above minimum wage, whereas the wage below minimum
remain unchanged.

The effect of minimum wage increase on employment comes from two parts. As
the equilibrium efficiency unit wage increases, the participation rate is higher and that
tends to increase employment. The negative impact comes from a subset of workers
who had received above minimum wage but move to below minimum wage after the
change. The compliance cost born by these workers depress their supply. Under the
new equilibrium, this negative effect of compliance cost outweighs the positive effect
from the wage increase. Therefore, for those whose wage relative to minimum wage did
not change, their wage rate increases and their employment increases.

Unlike binding minimum wage model, the equilibrium with endogenous compliance
decision involves no rationing (of low skilled workers). In our model of endogenous
compliance decision, the minimum wage is essentially a tax on low productivity. As
such, the distortionary and negative effect on employment by minimum wage increase
is akin to the change in income bracket for this tax on the low productivity.

Before closing this part, it must be noted that the model equilibrium fails to rep-
resent one important empirical regularity: i.e., concentration of employment at the

minimum wage?’.

20See however Appendix 1. If workers are imperfect substitute, we obtain the wage spike at minimum
wage even in the case of endogenous compliance decision.
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3.4 Tacit collusion

In the equilibrium above, the labor market is divided into below and above minimum
wage at .

w

€c = —

w

Suppose the employers paying above minimum wage, i.e., those employing workers with
productivity e“ or higher, collude and set their wage to maximize joint profit. Note that
as far as there is no change in this demarcation productivity, e.,the non-complying sector
is left undisturbed by the collusion of firms employing above threshold productivity
workers. Assume m,; complying employers collude. They set their wage to maximize
their joint profit subject to the minimum wage compliance. The remaining my =
m — my, employers hire workers with productivity below e.. They remain competitive
and pay below minimum wage.

Lemma 3 Under collusion, employers’ optimal policy is given by

a@g::nmx{wM,g] (Fda)

M

wherein w™ is monopsony efficiency wage given by

QD) = (Hé) WM, (E4b)
g DM :l/A@@»m@@

€c

As for the non-complying sector, the same equilibrium condition continues to hold:
QDY) = (Eic)
myDN = / Mw® — S)n(e)de

e

Proof. The optimal policy is a solution to the following maximization problem
max L = myQ(DY) - / AMw )n(e)de + Qpy [/ Mw(e))n(e)de — DM
- [ A @ie)e ) s(eyie

wherein 7(e) is the Lagrangian multiplier for the minimum wage constraint which we
assume they comply, and €2, is the shadow price of composite labor input. If the
minimum wage constraint is not binding so that y(e) = 0, then the first order condition
for such w(e) is readily solved to get

(1 + i) w’ = Q= Q' (DY),
Y
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wherein €, is the supply elasticity and the latter part of the equality follows from the
first order condition on D™. If the minimum wage constraint does bind, then, for such
w(e), we trivially get

Collecting these two cases with the understanding the minimum wage is binding
only when

the lemma is proven. m

The result is intuitively clear. Given the labor pool for collusion, the monopsony
wage is just minimum wage for lower productivity workers until the monopsony effi-
ciency unit wage w™e takes over. Note also that

oM < W

The monopsony wage schedule is composed of two parts. For worker with lower pro-
ductivity, the per capita wage rate is just the minimum wage. For those workers
wMe > w, per efficiency unit wage schedule is applied. This efficiency wage is flatter
than the competitive equilibrium.

The collusion equilibrium given by (E4a)~(E4c) presupposes that collusion, if suc-
cessful, generate super normal profit. I.e., it must be the case that their joint profit is
larger than what they would have obtained by sticking to the competitive wage schedule
w*. Collusive wage is certainly the better choice against a subset of high productivity
workers to whom wMe > w as the collusion wage rate per efficiency unit is smaller
than the competitive one. For workers closer to e.,however, the minimum wage is paid
and the implied efficiency unit wage is higher than w™. If the portion of workers paid
minimum wage is too large, the collusion may not be tenable. The implication of this
cautionary note is that, given the demarcation productivity, e., the minimum wage
must be low enough to ensure the profitability of collusion.

The second main result is the impact of a change in minimum wage. If we assume
that the collusion among complying firms continues after the increase for the labor
pool of the workers with productivity above e., we can log differentiate the monopsony
equilibrium conditions and obtain

SMEN
Mot = 6,\(1—SM)+ED <0,
SMEXED

ex(1 —sum) +e€p

A(Z) n(e)de

e

Npa = —€pN,m = > 07

D
_w
M

fu)
€c

SMm
DM

To see this, as far as the collusive employers jointly comply with the new minimum
wage, they need to increase their wage for workers with lower productivity to a higher
minimum wage, which obviously increase the supply from these workers. The marginal
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condition (E4b) then dictates that the efficiency unit wage rate w* should decline.
Note also that as far as the demarcation value e. remain unchanged, the non-complying
sector of the market is totally insulated from the change in minimum wage. In that
case, the gap between the minimum wage and the highest wage at non-complying sector
widens and exceeds c.

Lemma 4 Under tacit collusion, an increase in minimum wage results in erpansion
of employment among colluding firms, whereas the efficiency unit wage rate for above
minimum wage workers declines as far as the colluding firms continue to honor the
MINIMUIM Wwage.

3.5 Finite substitution among heterogenous labor

The base line model of this section can be extended to cases wherein different labors
are imperfect substitute. We report only the main results and relegate the analysis to
Appendix 1. Here we assume that different labors are imperfect substitute such that
the demand is a CES type given by

- (49) b

wherein D stands for the demand for composite labor, €2 is corresponding wage index,
and ey, is the elasticity of substitution. The demand for composite labor is determined
by

Q' (D) =9.
Applying Dixit-Stiglitz model to heterogenous labor, we show that the main results
shown above continue to apply in the case of finite substitution among labors when we
impose two additional conditions?'. Namely, with endogenous compliance decision, the
employment expands (shrinks) for workers paid above (below) minimum wage. Tacit
collusion model continue to predict the employment expansion and wage compression
after an increase in minimum wage.

3.6 Summary

In this section, we build a model of a simple labor market that can capture two crucial
aspects of the conditions in which minimum wage law is placed in many (including

21The conditions are (1) the minimum wage binds only for lower subset of workers, and (2) the
elasticity of substitution within labor is smaller than the elasticity for the composite labor. The

condition (1) is given by
en’(e)

n(e)

<e€r+ex (A3)

whereas the condition (2) is
€1, > €D

wherein ep is the elasticity of the demand for composite labor with respect to wage index Q.
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Thailand) developing economies. First, we have a model in which compliance deci-
sion by employers are based upon the cost incurred by non-compliance, rather than
the expected probability of monitoring and penalty by regulatory agency. Second, we
explicitly incorporate labor heterogeneity so that we make explicit who are influence
(more) by the minimum wage. Such a model predicts that employment at below min-
imum wage shrinks, whereas the employment above minimum wage expands. Both of
these are along labor supply schedule. When we adds a collusion among employers who
comply the minimum wage, the model delivers a few key results that can be matched
against the empirical evidence. First of all, the model predicts overall positive impact of
minimum wage on employment, due to the expansion of employment by complying sec-
tor. Second result is that the complying employers shed their wage schedule such that
marginal efficiency unit wage is smaller than what should prevail under the competitive
labor market. Thus the model predicts that wages at complying firms are compressed.

4 Main Results

In the last section, we presented a simple model of labor market incorporating en-
dogenous compliance decision. In the analysis, the crucial ingredient is the cost of
non-compliance, which induce a wedge between above and below minimum wage rate.
Our first agenda for the empirical analysis is to estimate the model wherein the choice
between compliance and noncompliance is jointly determined with the wage schedules
for both above and below minimum wage. For this purpose, we employ switching
regression and obtain the estimate of treatment effect. The second issue is how the
(employer) compliance decision in turn influence the labor market participation de-
cision. We estimate two versions of the participation decision. In the first, we use
probit model over employed and non-employed, with the latter including both self em-
ployment and non-participation. In the second, we use multinomial probit model over
non-participation, self employment, and employed.

4.1 Switching regressions and average treatment effects
4.1.1 Estimation model for the cost of non-compliance

As we do not have detailed employers data, the compliance decision at the individual
employer level are generally unobservable. Luckily, however, in the first 3 months of
2013, Labor Force Survey did ask several key questions on the effect of the increase
in minimum wage during 201272013. Among others, LF'S asks if each of the surveyed
employer raised the wage to or above 300thb, and several other questions. We use the
answer to this question for a probit regression on compliance with the minimum wage
after the change in January 2013. Our agenda here is to connect this probit regression
result to the choices by sample workers over different job opportunities. Denote by
(1, s,p) as the predicted compliance probability of employers in industry i, employer
size s, located in province p.
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Individuals in each province decides whether or not to work, and, if work, where,
the decision of which is influenced by whether not the potential employers (in their
areas of residence, and the chosen industry and firm size) offers wage above or below
minimum wage, which we represent by the predicted compliance profile (i, s, p)?>. We
posit that the decision by individual worker whether or not to work at wage above or
below minimum wage is given by

U’ (i,8,p) = B1Z] + ByA(i,8,p) +ul >0

As the choice depends evidently upon the availability of two types of jobs, we use
~(i,s,p) as a proxy representing relative job availability with wage above or below min-
imum wage. Depending upon the choice, each individual faces distinct wage schedules.
Thus the switching regression model is comprised of the following equations.

log(w}) = I’log(w]”) + (1 - I)log(w"),
log(wa) = leMth—Fui‘/[,M:C,N
r =1,
if f
Ul(i,s,p) = B12] + B, s,p) +ui >0

wherein I7 is an indicator variable for employment at a job above (below if I7 = 0) the
minimum wage. The average treatment effect c is given by

¢=E ((a® - aM)X)

Most parsimonious interpretation of the estimated treatment effect is the wage gap
induced by treatment (non-compliance). In Section 3, we built a model in which a cost
¢ is imposed upon noncomplying employers. The estimated wage gap should coincide
with this cost.

Table 3 shows our estimates of average treatment effects (ATE) based upon switch-
ing regression for the sample of daily and monthly wage earners®. Estimated switching
regressions are reported below. We estimated the model using entire samples after 2001
(data prior to 2001 are quarterly and we drop the samples in the earlier period), and
in the second set of estimations, we used samples in 2012-2013. The upper half of the
table reports the results for samples of daily wage, and the bottom half are for the
sample of monthly wages.

Starting from the sample of daily wages, the estimated treatment effects are robust
and do not markedly differ across samples or AT or AT on treated (ATET). On the
other hand, treatment effects differ markedly across the employer size( measured in the
number of employees)?*: the treatment effects are larger for smaller employers. The
bottom half of Table 3 shows the results for monthly wage. Except for the estimates
using the small size employers, none of the estimated average treatment effect for this

22See Appendix Table A4 for the background probit regression.
23 Table A5 reports ATE and ATET employing propensity score matching. Results are quite similar.
24Small firms: 19 employees, medium: 20799, large: 100 or more.
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Table[3[Averagefteatmenteffect

dailylwage
Average[Treatment Average[reatmentdnihe Treated
samplelperiod 2001~2013 2012~2013 2001~2013 2012~2013
mean s.dev mean s.dev mean s.dev mean s.dev
alllsbmple [0.448 0.134 [0.445 0.082 [@.453 0.141 [0.456 0.083
smalllsize [@.572 0.098 [0.499 0.080 [0.598 0.100 [@.529 0.080
medium[size [@.470 0.100 [0.455 0.061 [0.501 0.103 [@.478 0.062
largelsize 0.131 0.087 [0.364 0.037 0.097 0.084 [@.244 0.034
monthlyWage
Average[Treatment Average[reatment[dnfhe Treated
samplelperiod 2001~2013 2012~2013 2001~2013 2012~2013
alllsmple 0.082 0.097 0.234 0.238 0.120 0.098 [@.067 0.226
smalllsize 0.080 0.083 [@.730 0.133 0.065 0.086 [M.764 0.129
mediuml[size 0.047 0.110 0.134 0.069 0.141 0.099 0.163 0.066
largelsize 0.014 0.216 0.054 0.164 0.081 0.283 0.139 0.222

Tablelshows [fhe [@verage [fleatment(effects [af[non[dompliance, Baseduponfhe [Estimation fés ults [of fhe Switching [cégressions.

sample is statistically significant. As a matter of fact, the point estimates of ATE and
ATET are slightly positive for all the cases except for small size employers.

This is consistent with our finding earlier on the contrast between daily and monthly
wage distribution. The impact on daily wages by minimum wage change appears large
and concentrated heavily around the minimum wage, whereas for monthly wages, the
overall impact is much smaller and found no strong evidence that the impact are con-
centrated around the minimum wage. The estimated treatment effects show that the
minimum wage constrains structure of daily wages, but not monthly wage.

Our finding that the treatment effect is inversely related to the employer size? is
not supported by the prediction of the model in Section 3, at least the one derived from
competitive equilibrium: the model predicts that the cost incurred by non compliance
should encourage compliance. Hence the compliance rate and estimated treatment cost
should be positively correlated, whereas our results in Table 3 show that treatment effect
is smaller at larger firms which tend to have higher compliance rate. As we indicated
at the end of 3.4, one possible interpretation is that collusive firms can effectively
reduce wage as the minimum wage declines so that the gap between complying and
non-complying sector is narrowed down. It is also possible that with a large chunk of
observation at exactly minimum wage, the log wage regressions fit poorly and produces
downward bias on the ATE at large firms 26.

Table 4 (daily wage samples) and Table A3 (monthly wage samples) in Appendix

25The inverse relation between ATE and employer size is robust over the choice of sample period
and other specifications. See Table A5 in Appendix for the ATE estimations using propensity score
matching, instead of switching regressions. We tried other estimations methods such as endogenous
treatments effect model yet this reverse relation is robust.

26 Another interpretation is the Aschenfelter-Smith model of penalty cum monitoring. Perhaps,
larger firms are more visible and more likely to be inspected, which might increase the expected cost
of penalty.
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TabledSwitching[Regression[partMMogwagelrégressions: Daily Wage ]

Treated[(JesshanminimumWage) [Samples Control{norefhan[drgqual fdmhinimumMWageIsamples
sample all small medium large all small medium large
period 2001~201 2012~13 2001~20" 2012~13!001~201: 2012~132001~201{ 2012~13 2001~201{ 2012~13 2001~20°2012~132001~201: 2012~13 2001~2013 2012~13

*Allfherggressionstéported infhe fAble [Mcludes[dummyMariables fbryear, idgion, Mdustry wo [digit 23 I3IC [assifications), @nd [@rea[{Uirban[ar
municipal), @side flom fhe firm[Size dummiestéported @bove

" 0.0123 "0.0091 "0.0142 "0.0107 "0.0142 "0.0100 " 0.0153 " 0.0043 " 0.0060 " 0.0065 "0.0087 "0.0082 "0.0033 " 0.0082 " 0.0111 " 0.0028
(0.001)***(0.002)***(0.001)***(0.002)***0.001)***(0.003)***(0.005)***” (0.009) (0.001)*** (0.001)***(0.001)***0.002)***(0.001)** (0.003)*** (0.004)*** (0.001)***

years[of[Sichooling (
yearsldf | [.0005 " [0.0004 ~[M.0007 ~[M.0004 "M.0008 ~M.0005 ~[0.0003 ~ [M.0003 ~ M.0003 ~M.0001 ~M.0003 M.0003 0.0001 ~m0001 ~ M0002 ~ 0.0000
by b
v v
b

Y
schooling2 (0.000)***(0.000)***(0.000)***(0.000)***0.000)***(0.000)***" (0.000) ~ (0.000) (0.000)*** (0.000)** (0.000)***(0.000)**” (0.000)  (0.000) ~ (0.000) (0.000)
" [M.0005 "[0.0004 "[M.0009 "M.0004 "m.0002 "m.0001 " 0.0037 " 0.0002 " 0.0018 " 0.0018 "0.0019 "0.0014 "0.0029 " 0.0024 " 0.0035 " 0.0019

4
r
v
v
4
4

e[Bhyears [dflsichool v v 3
(0.000)*** (0.000)** (0.000)"** (0.000)" "(0.000) " (0.000) " (0.006) " (0.001) (0.000)*** (0.000)***(0.000)***0.000)"*(0.000)*** (0.000)"** (0.001)*** (0.000)"**
M.1534 " M.1029 " [.0564 "[M0.0403 0.0782 " 0.0833 0.0010 "m.0011
SD2(<5[employees y v
(0.008)***(0.018)***(0.002)***(0.004)*** (0.002)*** (0.008)***” (0.002) "(0.004)
SD3(5~9 [M.0876  [M.0613 " 01044 " 0.0829
employees)  (0.006)***(0.018)*** (0.002)*** (0.008)***
SD4M0~19  M.0621 " [M.0487 "m.0217 " m.0144 " 0.0962 " 0.0873 "0.0140 7 0.0173
employees)  (0.006)"*(0.017)"* 10.002)** (0.007)** (0.002)* (0.007)"** (0.002)*** (0.006)***
SD5[20~49  [.0416  [0.0300 0.0920 " 0.0664
employees)  (0.006)*** (0.017)* (0.002)*** (0.008)***
SD6[E0~99  [M.0168  [0.0043 " 0.0505 " 0.0524
employees) (0.006)***'(0.014) (0.002)*** (0.006)***
SD7[00~199  [.0483 [M0.0022 " 0.0184 " 0.0094
employees)  (0.006)***” (0.014) (0.002)*** (0.005)**

4

" 0.8825 "0.9808 " 0.7986 " 0.6942 "0.7815 " 0.7662 " 1.1666 ~ 0.7358 ~ 1.1068 ~ 0.9228 1.2257 "1.2876 ~1.3035 ~ 1.1698 ~ 1.0343  1.1391

Constant
onstan (0.055)***(0.053)***(0.070)***(0.037)***0.048)**/(0.067)***(0.427)*** (0.327)** (0.035)*** (0.052)***(0.039)***0.039)**(0.043)*** (0.035)*** (0.183)*** (0.011)***

p(withBelection ~ 0.3537 0.3737 0.2863 0.3335 02345 0.3951 [M.9961 05511 02418 03289 0.3348 04380 0.3836 04254 [.9992  0.0935
equationEbsidual) (.035)*** (.103)"* (.028)** (.081)*** (.086)** (.216)* M.076 [M.941 (.017)*** (.082)*** (.030)*** (.098)*** (.042)*** (.155)* (.084)y™* [M.119

Observations /501,656 ~ 63,535 230,662~ 31,166 112,959 12,853 ~158,035 ~ 19,516 501,656 ~ 63,535 230,662 31,166 112,959~ 12,853 ~ 158,035 19,516
Robust[standard[errors [d[parentheses ***[p<0.01, ¥ [pk0.05, FIp<0.1

report the estimated model of switching regressions. In each table we report eight esti-
mation results. The first two are estimation results using the entire sample, the second
pair estimated for samples employed at small size employers (less than 20 employees),
the third pair for samples employed at medium size (20799 employees), and the last
pair for samples employed at large (100~ employees) firms. In each pair, the first result
uses samples in 200172013, whereas the second uses only samples in 2012713. We start
the discussion with Table 4 for daily workers. In both tables, we only display estimated
coefficients for several key variables. In Table 4 part 1 reports log wage regressions
conditional upon ’treated’(non-compliance) [left half] and 'non-treated’ (compliance)
[right half]. One difference between the two wage regressions is that the effect of gen-
eral experience. It is negative for the ’treated’ (less than minimum wage), whereas it
is positive and both are highly significant.

More important for the subsequent analysis are the coefficient for firm size dummies.
In treated (less than minimum wage) samples, they show that the employer size has
positive impact of log wage, a standard result in most of wage regressions of this type,
whereas in controlled samples, the employer scale has negative impact on log wage. We
come back to this somewhat anomalous result later on.

Table 4 part 2 reports probit regressions for selection into ’treated” and 'non-treated’.
The most important covariate is Y(, s, p) which is used as the proxy representing the
relative availability of jobs paying more than (or equal to) minimum wage. This variable
is constructed as cell means of predicted value for the probability that an employer
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TabledSwitching[Regression [part2[Brobit[iégressions fbrfleatmeant: Daily

Wage
sample all small medium large
period 2001~201¢ 2012~13 2001~201% 2012~13 2001~2013 2012~13 2001~2013 2012~13
v(i.s.p) "m1330 " m9321 " m3403 " m1037 " M49o2 " msts4 " mo953 " @3571
(0.107)** (0.374)* (0.153)* " (0.376) (0.145)™* (0.377)™  (4.811) (1.372)**
female " 06385 " 04895 " 07044 " 06210 " 06730 ~ 05875 | m0021 " 0.0739
(0.005)** (0.014)*** (0.007)*** (0.017)*** (0.009)** (0.025)*** " (0.027)  (0.030)**
married "m2967 " m2287 " m3562 " 3332 " M2380 " M@2103 " mo0021 " M.0261
(0.005)** (0.012)*** (0.006)*** (0.016)*** (0.009)** (0.026)*** " (0.356) ~ (0.023)
years @¥Skhooling " mo0963 " M0540 " MO744 " 00396 ~[M1054 00552 059 ~ [0.0577
(0.002)*** (0.005)*** (0.003)*** (0.008)*** (0.004)** (0.010)*** (0.025)** (0.009)***
years @ Skhooling2 " 00031 " 00010 " 00024 " 00005 " 0.0029 " 00007 " 0.0010 " 0.0013
(0.000)*** (0.000)*** (0.000)***” (0.001) (0.000)**~ (0.001) " (0.003) (0.001)**
age[Blears@Schooling | [M0099 ~ 00070 ~ [0066 ~ [M.0067 ~MO111 ~ [@0079 ~ 0180 ~ [.0065
(0.000)*** (0.001)*** (0.000)*** (0.001)*** (0.000)** (0.001)*** ™ (0.021) (0.001)***
SD2(<5@mployees) " 05583 " 06435 " 0.1284  0.0775
(0.050)*** (0.182)*** (0.009)*** (0.024)***
SD3(5~9Employees) " 04499 " 06152
(0.047)*** (0.167)***
SD4[A0~19@mployees) | 0.4183 ~ 0.5641 " mo0437 " 0.0231
(0.042)*** (0.148)*** (0.021)* " (0.056)
SD5[[20~49Employees) | 0.5449 ~ 0.5496
(0.033)** (0.116)***
SD6[B0~99@mployees) ~ 0.6196 = 0.5314
(0.017)*** (0.053)***
SD7I000~199Employees) ~ 0.3952 ~ 0.3436
(0.012)*** (0.035)***
Constant " 04401 " 00797 " 07125 " 01144 " 08439 " 00464 " 0.1186 " 1.9268
(0.182)* " (0.442) (0.193)*” (0.186) (0.173)**” (0.251) " (1.991)  (1.083)*
Observations " 501,656 © 63,535 230662 ~ 31,166 112,959 12,853 158,035 ~ 19,516

Robust(standard(efrors [ [parentheses
***[p0.01, % [p0.05, FIpk0.1
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adjusted minimum wage after the minimum wage increase in 201272013. See Appendix
A4 for the probit regression used to construct the variable. As expected, the variable
carries negative and statistically significant effect on selection into jobs with less than
minimum wage. Naturally, employer scale has negative effect on the probability that
the worker selects jobs paying less than minimum wage.

Table A3 part 1 and 2 (in Appendix) report switching regression models for the
sample of monthly wage earners. As they show qualitatively similar results with Table
4 for daily wage earners, we only note major differences. Unlike daily wage earners,
the general work experience generally have positive impact on log wage in controlled
samples for monthly wage earners. Even in the treated samples., its coefficients are
mostly positive (but insignificant). Employer size dummies in log wage regressions show
that the employer size exerts positive impact both in treated and controlled samples.
Most important difference is in the coefficient of (i, s, p): unlike daily wage earners,
the selection into treated or controlled samples is not significantly influenced by this
variable for monthly wage earners.

All in all, the contrast between daily and monthly wage earners is strong and robust.
As we have shown in Table 3, the wage gap estimated as ATE is sizable and statistically
significant for daily wage, whereas except for the small size firms, none of the estimated
ATE are statistically significant for monthly wage. Regressions on log wages also exhibit
sharp contrast between two types. In the case of daily wages, the demarcation line
drawn by the minimum wage does show up in the differences in the determinants of
respective wages, whereas in the case of monthly wage, no such sharp distinction emerge.

4.2 Participation decision and compliance rate

The switching regression results above indicates that the probability of finding a job
offering above minimum wage is enhanced by employer’s compliance rate in the case of
daily wage earners, but not among workers paid monthly wages.

In this subsection, we estimate (multinomial) probit model for participation decision.
From a view point of individual worker, it is unclear if the increase in compliance rate
increases the employment. In the textbook model of minimum wage, as the binding
minimum wage is increased, the employment demand shrinks. As a result more workers
are rationed out of jobs. In this textbook case, the impact must be negative. As we
have seen above, compliance is far from perfect so that it is not obvious that an increase
in compliance rate results in disemployment. It is possible that higher wage rate due
to increase in minimum wage can induce higher participation rate. In that case, the
impact must be positive. On the other hand, the analysis in section 3 predicts positive
impact on employment from compliance decision.

We have two main results. Table 6 reports the first set of results of probit regression
on the probability of employed. We use those aged between 15 and 59 and not in
education as the potential labor force. The dependent variable, employed, is unity if
and only if a sample individual is employed. This excludes those self employed, as well
as those listed as unpaid family worker. Our key variables are two: mwadjust(a, p,t)
is the share of sample workers who receive less than minimum wage. This variable is
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TableEMRrobit MEmployed/Work

dependentariable Employed Work
education all middle[schoollar[dss collegelarmore middlelsthoollarEss collegelarmhore
samplelferiods  2001~2013 2012~2013 2001~2013  2012~2013 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~201%
regressors [idcluderégionall[dummies, @gelgroup[(byrs.) [dummies, [@nd[areatype[dummy

mmwadjust " 03805 " 05179 © 03825 05186 ~ [MO0919 ~ [MO179 01817 " 02506 ~ 01317 " 01994 " mov42  m0135
(0.005)**  (0.014)*  (0.006)*  (0.018)**  (0.015)* " (0.040) (0.005)**  (0.014)** (0.006)** (0.018)** (0.017)*** " (0.046)

rminwage " 00040 7 00029 ~ 00357 | 00118 mo0820 ~  [0.0308 M0255  [MO0090 =~ [00288 ~ [M0098 =~ [MO0422  [0.0264
(0.002* " (0.004)  (0.002)***  (0.005)*  (0.006)**  (0.011)**  (0.002)**  (0.004) (0.002)** (0.005)  (0.006)** (0.013)**

percapitagdp " 00005 ” 00004 " 00005  0.0005 [0.0000 0.0001 0.0004  0.0004 ~ 00004 ~ 00004 ~ 00001  0.0001
(0.000)™*  (0.000)***  (0.000)**  (0.000)** " (0.000) ~ (0.000) (0.000)**  (0.000)*** (0.000)** (0.000)*** (0.000)*** (0.000)**

female " ms2t6 " m3171 | ma4181 " ma4os2 ~ 0.1232 0.0983 m7586 ~ M7453 = [M9043 ~ M8770 ~ [M2591 ~ [M.2740
(0.001)**  (0.003)**  (0.001)**  (0.004)**  (0.003)**  (0.008)**  (0.001)™**  (0.003)*** (0.001)** (0.004)*** (0.004)*** (0.010)***

married " moo1i2 " mo376e "~ m1o19 " m1093 ~ mooes | M.0367 00583 | 00315 ~ M0223 0233  [M0336  [M.0622
" (0.001)  (0.004)**  (0.002)**  (0.005)*  (0.003)*  (0.009)"*  (0.001)"*  (0.004)** (0.002)** (0.005)"* (0.004)** (0.011)***

years@fGthooling |~ 00938 ~ MA1245 ~ m0186  [M.0491 1.3610 1.0961 mo0317 " MO0555 ~ 0.0642 ~ 00335 | 09549  0.3841
(0.001)*  (0.001)*  (0.001)™*  (0.003)**  (0.072)**  (0.196)*  (0.001)™*  (0.001)* (0.001)*** (0.003)* (0.093)*** ~ (0.293)

yearslaFkhooling2 ~ 0.0080 ~ 00093 00008 | 0.0021 mo0337 ~ [0.0249 0.0037 00050  MO0054  M0033  M0233  [M.0059
(0.000)™* (0.000)***  (0.000)***  (0.000)**  (0.002)*** = (0.006)**  (0.000)***  (0.000)"** (0.000)"** (0.000)*** (0.003)*** ~ (0.009)

Constant " moo34 " ms7os T m7729 " maess9 " mM3.3312 " mM0.9911 | m7eo7 | me227 | m5939 T m7s42 | m@A1924 " @072
(0.006)* (0.016)**  (0.008)**  (0.020)**  (0.626)™*  (1.710)™*  (0.006)**  (0.017)* (0.008)* (0.020)™** (0.803)***  (2.527)

Observations 6,714,792 " 846,534 © 4536039 " 568,857 " 786,104 105693 6,714,792 846,534 4,536,039 ~ 568,857 786,104 105,693

Standard|[efrors [M[parentheses
***[pk0.01,FH[p0.05, FIpk0.1

constructed for each province (p) and area type (a, municipal or rural) for every months
(t) starting from January 2001%".

The results are quite clear that higher the share of local employers paying at least
minimum wage, sample workers are more likely to be employed. This is as expected
from our earlier analysis in section 3 of employment and compliance rate changes after
changes in minimum wage. Overall, the results support strongly the idea that the ob-
served positive correlation between compliance rate and employment are predominantly
supply response to better employment opportunity. On the right hand half, Table 6
reports similar probit regressions for work that includes self employment as well as
being employed. The positive impact of mwadjust continue to apply for this case.

In both employment and work probit regressions, we have results estimated for
sub samples, divided according to their education attainments. In both employment
and work decisions, the impact of mwadjust is positive and significant in the first
two columns, whereas the impact of mwadjust is either insignificant or negative if we
limit samples to those with college education, as shown in the last column in each
Table. When real minimum wage is added to these probit regressions, the impact
are positive for employed, but negative for work, indicating that the self employment
(the difference between work and employment variable) is negatively influenced by real
minimum wage. The exception is again the sub-sample of college graduates: the impact
on their employment probability is negatively affected by real minimum wage.

The second set of results on participation decision are multinomial probit model

2TNote that 7(i,s,p), the minimum wage compliance probability that we used above, cannot be
employed in this analysis as the sample individuals are entire labor force. Thus no industry or employer
scale affiliations can be used to match each individual to 7(i, s, p).
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Table@Multinomial [Brobit[nhodel

Selflemployed Employed
education all middle[sichool[Gr[éss collegeldr[thore all middle(sichool[aréss collegeldriohore
sample[periods 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~2013 2001~2013 2012~2013
regressors(idcluderégional ummies, @ge group [Byrs.) [dummies,@ndEreatype dummy
mmwadjust " m4095 " M4558 " M.1363 © [M0804 ~ 0.0490 " [M0380 " 1.0558 " 1.6259 '236.4027 "166.9995 ~ [M.0561 " [M.0361
(0.008)*** (0.023)*** (0.011)*** (0.032)** (0.025)**  (0.065) (0.020)*** (0.185)*** (34.148)***(19.128)*** (0.009)*** " (0.051)
rminwage " mo479 " Mo186 " mMO816 ~ M0286 ~ 0.1048 " 0.0220 " 0.0097 " 00080 "223012 " 37831 " M.0495 " M.0380
(0.003)*** (0.006)*** (0.004)*** (0.008)*** (0.009)*** " (0.018)  (0.005)* " (0.012) (3.545)*** (1.596)** (0.004)*** (0.015)**
female "m7211 " 8035 " M5170 " 4417 " M6743 " M6205 " M9229 " [M.1127 '[264.3189 T133.8124" 0.0702 " 0.1211
(0.002)*** (0.013)*** (0.002)*** (0.007)*** (0.005)*** (0.014)*** (0.013)*** (0.116)*** (37.811)***(14.592)*** (0.004)*** (0.022)***
married " 00798 " 00709 " M0692 " M0730 " 0.0400 " 0.0591 " 0.1531 " M.0038 "[69.8004 “[38.5566 ~ 0.0035  [0.0308
(0.002)*** (0.006)*** (0.003)*** (0.008)*** (0.006)*** (0.015)*** (0.004)**" (0.012) (10.071)***(4.472)*** (0.002)* (0.013)**
yearsifisthooling 01431 7 01575 " 01483 " 0.1318 " 6818 " [M5924 " mM2718 " M.3904 "“[M2.0511 "[16.0507 ~ 0.8119 ~ 1.3737
(0.001)***  (0.003)*** (0.002)*** (0.005)*** (0.112)*** (0.304)*** (0.004)*** (0.043)*** (1.848)*** (1.964)*** (0.008)*** (0.055)***
yearsfisthooling2  [@.0101 ~ 00096 ~ [M0106 ~ [0085 ~ 0.0420 " 0.0382 " 0.0230 " 00293 " 05312 " 0.6918 " M0201 ~ [0311
(0.000)***  (0.000)*** (0.000)*** (0.000)*** (0.003)*** (0.009)*** (0.000)*** (0.003)*** (0.095)*** (0.110)*** (0.000)*** (0.003)***
perlchpitalghp " mooo3 " moo0o2 " 00002 " 00003 " 00001 " 00001 " 00013 " 0.0013 " 03149 " 0.1487 " [@0000 "~ 0.0001
(0.000)***  (0.000)*** (0.000)*** (0.000)*** (0.000)*** "~ (0.000) (0.000)*** (0.000)*** (0.046)*** (0.018)***” (0.000) = (0.000)*
Constant " [@1591 " [@3429 " D4452 T 27179 " 14.3374 " 141089 " 5032 " 26756 '@76.2444 71.8593" [2.9279 "[13.8228
(0.011)** (0.030)*** (0.017)*** (0.048)*** (0.980)*** (2.702)*** (0.039)*** (0.299)*** (68.502)***(30.417)***’ (0.000) ~ (0.000)
Observations "6,714,792 7 846,534 4,536,039 " 568,857 " 786,104 " 105,693 6,714,792 846,534 4,536,039 568,857 " 786,104 " 105,693
023 09302 [M7641 03660 03811 [09986 [M9983  [M9302 [M7641 0.3660 0.3811 [0.9986 [0.9983
(0.0019)*** (0.013)*** (0.0087)*** (0.026)*** (0.001)*** (0.002)*** (0.0019)*** (0.013)*** (0.0087)*** (0.026)*** (0.001)*** (0.002)***

Standard errorsi [parentheses

***[3<0.01,FH[<0.05, FTp0.1

reported in Table 6. Here we estimate choices over non-employment [use as the default
choice], self employment, and employed.
The results shown in Table 6 show clearly that those living in province with higher

share of minimum wage compliance (mwadjust) tend to be employed, rather than self-
employed. Similarly, higher real wage has positive impact on employment, but the
effect is negative for self employment. Results are the opposite if we limit the samples
to those with college education. Given that most of college workers are paid monthly
wages if they are employed, these contrasting impacts of wage compliance shares and
real minimum wage conform well with our earlier results. Clearly, these m-probit results
support the view that we are tracing changes in employment along the supply schedule
for the daily wage workers.

5 Tacit collusion facilitated by the minimum wage

Then, a natural question that follows is why do large size firms tend to comply with
the minimum wage, yet, after the change, overall employment expands?

Our preferred interpretation is that the daily wage at large firms are well below
their marginal products. We believe the employment growth after major increase in
the minimum wage strongly suggest that higher wages induce positive supply response,
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Figure 9: In each graph, ’>=mw’ indicates subsamples complying minimum wage, and
'<mw’ indicates subsamples with less than minimum wage.

which in turn implies that the wage rate before the minimum wage hikes in 2012-13
was too low and suppressed the employment. This can be explicable if we assume tacit
collusion among major employers using the minimum wage as their focal price (wage) in
wage setting. We rely on insights from the tacit collusion model developed in Section
3 as we collect evidence supportive of the hypothesis.

5.1 Wage distributions
5.1.1 Wages across employer size

In upper panel of Figure 9, we find that across employer size, average non-complying log
daily wage are higher at larger employers, whereas we find no such tendency for wages
above minimum wage. As a matter of fact, mean log wage is slightly lower at largest
size firms. We find no such reversal for monthly wages as shown in the bottom panel of
Figure 9: both above and below minimum wage, monthly log wages are consistently
higher at larger employers. This discrepancy might be a simple reflection of the fact
that those paid above minimum wage at large scale employers are of lower quality.

To see if this is the case, Figure 10 shows the distributions of the residuals of
Mincerian wage regression for daily wages. Naturally, residuals are negative for wages
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Figure log wage residual
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Figure 10: Each bar shows the difference between the log wage and its fitted values from
Mincerian log wage regression.

less than minimum wage and positive for above minimum wage, but, the deviations
are negatively correlated with employer size for above minimum wage. It appears as
if, — relatively speaking—, daily wage workers are paid less than what Mincerian wage
regressions indicate. The mean residual differences are quite large at small employers,
around .2 for more than minimum wage, and -.2 for below minimum. At the largest
employers (more than 200 employees), the mean residual is slightly negative for the
wages above minimum. Thus the inverse relation found in Figure 9 for above minimum
wages cannot be due to quality difference.

All in all, wage and regression residual distributions across employer size suggest an
interpretation that workers at larger firms paid above minimum wage are actually paid
less than what they could earn.

5.1.2 Higher moments of wages

Table 7 shows higher moments of log wage distributions before and after major minimum
wage increases. The most surprising is the fourth moment (kurtosis). For normal
distribution, the kurtosis (fourth moment divided by variance) is 3. Among daily
wages, this moments all exceeds 3, and larger at larger employers. As the kurtosis
shows the sharpness of the peak, Table 8 shows that the wage distribution has much
sharper peaks than normal, which is what we expect from the effect of minimum wage.
We also notice that the kurtosis declines after the minimum wage increase. But this is
not the whole story. The kurtosis is order of magnitude smaller for monthly wages and
there is no clear tendency that the kurtosis increases over employer size. This evidence
is consistent with the tacit collusion in daily wage setting among larger employers:
the daily wages are highly concentrated around the minimum wage. The collusive
effect is somewhat attenuated after a major increase in minimum wage. Moreover,
sharp contrast with monthly wage suggests further what we see for the daily wages is

34



Table7HigherMoments(of Wage Distributions:
beforelandafterfincreasesinminimumwage

emplopyersize

dailywage monthly/wage
before after before after

emblover(siz standard/deviation

1~4 0.387 0.368 0.554 0.540
5~9 0.336 0.314 0.527 0.525
10~19 0.331 0.308 0.566 0.561
20~49 0.346 0.311 0.578 0.580
50~99 0.311 0.273 0.573 0.576
100~199 0.234 0.205 0.588 0.586
200~ 0.195 0.172 0.572 0.563

kurtosis
1~4 6.416 5.220 5.591 5.886
5~9 12.606 4.764 6.858 7.647
10~19 16.136 5.260 6.459 5.630
20~49 29.382 8.193 4.600 4.804
50~99 50.155 8.169 4.929 4.552
100~199 68.735 10.543 6.124 4.692
200~ 90.696 32.101 5.467 4.886
skewness

1~4 0.276 0.369 0.524 0.292
5~9 0.605 0.003 0.003 0.282
10~19 0.801 0.131 0.174 0.380
20~49 2.178 0.519 0.487 0.393
50~99 3.676 0.596 0.479 0.663
100~199 3.666 0.230 0.639 0.800
200~ 5803 2,059 0.646 0.823

not solely due to minimum wage compliance. As a matter of fact, even the standard
deviation is extremely small for largest employers for daily wages, whereas the standard
deviations increase across employer size for monthly wages.

5.1.3 Truncated right tails

As a final piece of evidence in wage distribution, Figure 11 shows 6 histograms of
wage to minimum wage ratio. In the upper row, we show results for daily wages
and the bottom row histograms are for monthly wages. It is clear that in the case of
daily wages, large employers stand out as having extremely concentrated distribution
around the minimum wage. Although extremely thin left tail is a direct outcome of
high compliance rate, the right hand tail is equally thin and there exists virtually no
observation above 1.5%.

Compared to these samples, smaller employers have much larger shares of wages
above minimum wage ( as well as wages below). This can be also contrasted against
the histograms for monthly wages. Here, the largest employers have fattest right hand
tail?”.

5.2 Positive correlation between compliance and wage distor-
tion

Figure 12 shows scattered diagram of quality (measured as predicted values of Mincerian
regression) gaps between daily wage workers paid above or below minium wage. Each

28See also Figurel in Appendix.
29Gee Figures 13 and 14 in Appendix for overall wage distributions.
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Figure Histogram of wage to minimum wage ratio
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samples with more than 5 times of minimum wages are excluded from the graphs

Figure 11: Wages exceeding 5 times of minimum wages are excluded from the graph. Vertical
axis shows the fraction of samples represented by each bar.
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. 4 .6 .8 1
cell means of the share of wages above minimum wage

gap=.355*share+.268

Figure 12: Each dot represent cell means constructed for combinations of (region,
areatype, firm size, industry code, time)

dot is computed as cell means of the quality gap and the mean of compliance rate
wherein each cell is demarcated by province, industry, employer size and year. Strong
positive correlation between the two measures is unmistakable. Namely, there is strong
tendency that those receiving above minimum wage are actually underpaid, relative to
the prediction of Mincerian wage model.

5.3 Positive correlation between compliance and employment
changes

We have shown already the robust tendency that the compliance rate and employment
are positively correlated. To show that this is not a statistical fluke induced by some
type of selectivity, we construct a pseudo panel of workers and see if cell means of the
share of above minimum wage has significant impact on their employment level. Using
14 episodes of minimum wage increases®”, we constructed a panel of employment in
each province before and after the change in minimum wage.

30See Table A6. Some episodes of small changes in minimum wages are excluded. See Table A2 for
the full list of changes in the minimum wage.
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TableB®anel®Regressions®nEmploymenthanges&fterincreases@n@ninimumvage

sample daily@Bvage@arners
weights unlfeighted weighted
sample@pisodes all after2001 before2001 all after2001 before2001
estimation@nethod fixed@ffects fixed@ffects
dependent®ariable changesin@mployment
changelin@ompliancetate”  0.4925 06200 0557 | 04676 = 09206 = 04573 " 05720 " 05092 7 06354 0.6691
(0.076)*** (0.088)***  (0.084)**  (0.074)*** (0.217)***  (0.095)***  (0.107)*** (0.101)*** (0.067)***  (0.258)***
Constant " 10446 10283 | 10330 10588 09676 1049 10333 | 10374 ~ 09792 10879
(0.015)*** (0.016)**  (0.027)***  (0.025)*** (0.106)***  (0.020)**  (0.020)*** (0.036)*** (0.024)***  (0.198)***
Regionalummies yes yes yes yes yes
Observations 1,014 1,014 1,014 62 | 372 1,014 " 1014 " 1014 62 372
RBquared 0.050 " 0.030
Numberfprovince I 76 76 " 7. R 76 " . T 7. 7 76
sample monthly@vage@arners
weights unBeighted weighted
sample@pisodes all after2001 before2001 all after2001 before2001
estimationinethod fixed@ffects fixed@ffects
dependent®ariable changesin@mployment
changelin@ompliancelfate”  (0.3546  ~  [0.0877  [0.3643  PLO705 | (0.4378 | ©0.3470 | 03030  [0.3430 | 00504 | (0.4843
(0.150)** (0.052)* (0.150)**  (0.253)*** " (0.197) (0.118)***  (0.125)**  (0.118)*** ~ (0.161) (0.169)***
" (00200 " (0023) | (0.033) " (0024) " (00220 T (0.049)
Constant 1.0369 10461 10491 | 10765 | 10314 10532 " 10519 | 1053 | 10250 10778
(0.008)*** (0.011)***  (0.016)***  (0.019)*** (0.025)***  (0.009)***  (0.009)*** (0.018)*** (0.017)***  (0.032)***
Regionalummies yes yes yes yes yes
Observations ) " 590 " es0 7 o3 7 3w 7 es0 650 650 | 341 309
RBquared " 0.006 " 0.010
Numberfiprovince r 76 " 7. " 76 "% " o T 76 " " 7 7% 74

Standard@rrorsin@arentheses **XP<0.01,2*P<0.05,F@<0.1

This panel is constructed separately for daily wage and monthly wage earners. We
took a half year average (a quarter average before 2001) before and after the change.
Our dependent variable is changes in employment and explanatory variable is the change
in the compliance rate, i.e., share of workers paid more or equal to the minimum wage.

The results are shown in Table 8 which confirms our remarks made in section 2:
among daily wage workers, employment expands more after the minimum wage increase
if the compliance rate is higher. The relation is either insignificant or negative for
monthly wage earners.

5.4 Industry and location proximity of large scale employers

Large scale employers in Thailand are predominantly manufacturing firms. In our
sample of labor force survey in 2012 and 2013, 87% of daily wage workers employed at
large firms (more than 100 employee) are in manufacturing establishments. They are
also highly concentrated in Bangkok and neighboring provinces in central and eastern
regions: 38% in Bangkok, 17% in Eastern provinces, and 13% in Central provinces.
Thus, it is fair to say that the dominant share of large scale employers are located
nearby and they are mostly manufacturing firms. Added to these, many of them are
actually located in the same industrial park. These conditions are obviously amenable
for tight information network and coordination among the employers.
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5.5 Long run declines in real minimum wage and the reversal
in 2012-2013

In this section, we assembled a variety of evidence in support of our hypothesis that
the large scale firms tacitly colluded in setting daily wage, using the minimum wage as
the focal point.

In this sub-section, we try to place our conclusion in a historical perspective of
minimum wage and the labor market for the low skilled workers of the country.

The case for the suspected implicit collusion is supported by the long run decline
in the real value of minimum wage. As we have noted already in Introduction, the real
value of minimum wage declined continuously since late 1990’s. Compared to 1996, the
real value of minimum wage declined by 15% by March 2012, immediately before the
major increase. The dwindling minimum wage seems to have exerted major impact on
the real wages for daily wage workers, whereas the impact is not so visible for monthly
wage.

There also exists a popular perception that the labor market has been in chronic
shortage of workers, especially unskilled and semi-skilled workers. Bank of Thailand
(2013) cites three syndrome of the chronic shortage and tight labor market, overall,
but in particular in both ends of the quality spectrum: extremely low unemployment
rate, brisk demand and increase in immigrant labor, and the skill mismatch®'. Such
a concern for mismatches and chronic labor shortage should come as no surprise if we
look at the stagnant real wage of those unskilled and semiskilled workers. Compared
to 1997, the peak year, 2011 median real daily wage increased only by 11.1%, whereas
the median real monthly wage increased by 21.6%, and per capita real GDP rose by
52.3%. Especially noticeable even among the daily wage earners, for those employed
at the employers with more than 100 employees, the real median daily wage actually
declined by 8.5% between 1997 and 2011. There is little wonder that the stagnant real
wage depressed the supply of low and semi skilled workers and the employers voiced
chronic shortage of those workers.

Depression in real wage for unskilled and semiskilled workers is likely to be partially
responsible for the surge in college enrollment during the last two decades. BOT(2013)
also shows that actually the unemployment rate is significantly higher for college grad-
uates, compared to those with high school diploma or less.

Thus the accommodation of 70% increase in minimum wage in 2012-2013 came,
perhaps, if anything, with a silent sense of relief, especially by large scale employers.
There is little wonder that they aggressively expanded employment of daily wage work-
ers after the 70% minimum wage jump as they must have induced sizable increase in
available workers in the market.

In retrospect, it seems clear that the minimum wage had been kept too low, and

31Bank of Thailand (BOT) (2013) cites a study by National Statistical Office conducted in 2008.
This study used a survey of employers in which they estimate the size of shortage for semi-skilled
(high school graduates) is as large as 60% of the current employment. BOT then goes on to argue that
the low number of new entry of high school graduates, reflecting the strong aspiration of high school
graduates to go to college, only exacerbates the problem.
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it depressed the supply of low and middle skilled workers. The large scale employers
probably earned extra profits as they collectively succeeded in depressing the daily
wage, well below what could be considered as reasonable by any standard.

5.6 So, at the end of day,..

We have shown in this paper that the minimum wage increase in 2012-2013 brought
about changes which are apparently at odds with conventional wisdom on the em-
ployment impact of minimum wage increase. As the wage increased after the change,
employment also increased, especially among daily wage workers paid minimum wage
or higher. We collect evidence pertaining to the impact distribution across region, in-
dustry and workers. In so doing, we also check if any of the findings shown below
supports/contradicts tacit collusion hypothesis.

To begin with, there is little doubt that the wage increase benefitted more on low
wage earners. Among daily wage samples, the ratio of 90%/10% wage tiles declined
from 1.966 to 1.749, 12% decline. The wage inequality also declined substantially for
monthly wage earners. The ratio of 90/10 wage tiles declined 5.96 to 5.02. Minimum
wage indeed raised the lower tail of wage distribution and reduced inequality. But
equally important factor responsible for the wage inequality is compliance decision.
When we construct a two measures of wage inequality (10 vs 90% , and 25 vs. 75% tile
wage ratios) for daily and monthly wages for each of 7 regions pseudo panel, we obtain

rid% = — 087 x mean(lessthanmuw) g + .156 * log(rmwage),
120 = —.168 x mean(lessthanmw)g; + .148 x log(rmwage),
ri?0 = —.353 x mean(lessthanmw)q + 145 * log(rmwage),
P2 = — 232 x mean(lessthanmuw)s + .219 * log(rmwage)

wherein the first two are for daily wage and the next two regressions are for monthly
wages. All the coefficients are significant at 1%. Thus, naturally, the provincial means
of the share of workers receiving less than minimum wage carry highly significant and
important positive impact on wage inequality. Thus, non-compliance attenuate the
disemployment effects, but, at the same time, the minimum wage impact on wage
inequality is curtailed.

The next question is: are the beneficial impact evenly distributed, or, do we find
some clear winners and losers? Let us first look at regional variations. Table 9 collects
changes between 2011 and 2013 across seven regions. The evidence indicates clear re-
gional differences in the impact. Bangkok, Central, East and West on average benefitted
more from the change than North and Northeast. The difference is particularly large
in % changes in employed samples. In Bangkok, it rose more than 5%, compared to
meager .3% in North and Northeast. In terms of average wage, daily wage workers were
the major beneficiary as we have seen already. Even among the daily wage earners, it is
interesting to note that Bangkok, Central and East regions registered higher increase.
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Table[@Ghangesbetween[2011[@nd 2013

I %[sh %[sh
log(daily 9 Volshare %[share tolshare
monthly of of[sklf
wage oflwork

wage employed employed

Bangkok 0.187 0.147 5.125 6.092 0.967
Central 0.216 0.092 1.189 2.094 0.905
East 0.185 0.164 3.284 4.360 1.076
West 0.167 0.082 1.309 2120 0.811
North 0.179 0.040 0.324 0.993 0.669
Northeast 0.174 [@.002 [@.351 0.087 0.438
South 0.148 0.075 1.173 2.671 1.498
Total 0.165 0.075 0.820 1.801 0.981

These regional variations are certainly consistent with tacit collusion as we know that
large scale employers are heavily concentrated in these industrialized areas.

Table 10 shows changes in log wages across industry. Generally speaking, industries
typically found in urbanized/industrialized area fared much better than agriculture,
construction, or education, all of which are located primarily in rural areas or evenly
distributed. It should be noted also that agricultural workers are exempt from mini-
mum wage law. In spite of this exemption, the increase is still substantial (and larger
than 5 industries), supporting our claim that it is not penalty against minimum wage
violation but the cost associated with offering below minimum wage that determines
the compliance decision.

Table 11 compares wage changes across employer size. The winner is workers at
large firms, especially for daily wage earners. This is exactly what we expect from the
tacit collusion hypothesis. It is primarily the large manufacturing firms that honor
(and benefit most from) the increase in the minimum wage. Note that the increase in
monthly salary do not differ markedly across employer size, which again support our
hypothesis.

Our analysis in section 3 predicts that minimum wage reduces employment at below
minimum wage but it expands above minimum wage. The implication is that higher
productivity workers tend to benefit from the increase but lower productivity workers
benefit less or possibly lose. Lacking the direct measure of worker productivity, we
cannot test the prediction directly. Still, available data suggests that higher produc-
tivity workers benefitted more. If we take years of schooling as a proxy and use only
daily wage earners as our sample, those with those with only or some of elementary
education have their real daily wage increased by 17.5%, compared to 22.3% with 9
years of education, 18.7 % with 12 years of education, and whopping 36.6% with 16
years of education. On the other hand, we do not see such tendency for monthly wage
earners. Respective numbers are:10.3%, 10.6%, 10.2%, and 5.7%. Strong correlation
between productivity and wage increase is found only among daily wages, not among
monthly wages, which is exactly what we should expect from the fact that only daily
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Table[0 Mogchanges(idl@verage Mage [@cross iddustry

daily Wage monthly Wage
ACI01 [Bgriculture, frestry [ahd fik hing 0.134 0.123
B[I02[Mining@ndlguarrying 0.227 0.065
COn3IMNanufacturing 0.268 0.179
D104 MHlectricity,[gas, [Steam [ahd Elr [conditioning [Supply 0.324 [@.025
E (05 ater [Supply; [Sewerage, Waste managementland rémedi: 0.143 0.051
FI06Donstruction 0.109 0.149
G107 W holesale @hdrétail fiade; répair [of imh otor iehicles [ahd [mh 0.175 0.170
H 108 [Mransportation@hd(sktorage 0.149 0.079
M09 MAccommodationlahdfdod[skrviceactivities 0.154 0.200
J (110 Mhformation@nd[Communication 0.197 0.120
KN 1 [Hinanciall@hd@surance@kctivities 0.268 0.053
LN 2[ReallestateEctivities 0.128 0.068
M [ 3[MArofessional, [Skientific @nhd f&échnical Ectivities 0.339 0.055
N [M4IAdministrativel@hd[support[serviceactivities 0.248 0.139
On5MBublicladministration@ndldefence 0.153 0.015
P [N 6Education 0.061 0.022
Q[ 7IHumanRealth@hd[sbcialork [Ectivities 0.102 0.028
R[N 8[Arts, [ehtertainment@andtécreation 0.158 0.139
S[M9Dther[skrviceactivities 0.119 0.065
TROIActivities [ofbuseholds [@ks [Employers 0.159 0.098
U[R1IActivities [of[ektraterritorial [@rganizations [ahd (Bodies 0.351 0.164
Total 0.179 0.077
Tabled1Wagelchangeslacross
employerl(size:[2011[2013
employerlsize daily Wage monthly Wage
~5[employees 0.146 0.118
5~9 0.127 0.138
10~19 0.151 0.135
20~49 0.163 0.106
50~99 0.215 0.161
100~199 0.287 0.186
200[ahdnhore 0.302 0.161
total 0.180 0.165
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wages are directly influenced by the minimum wage.

6 Conclusion

In this paper, we investigated the impact of the recent major increases in minimum wage
in Thailand. We found that non-compliance is widespread, especially in daily wages.
Our estimation show that non-compliance is more common among smaller firms, in
rural provinces, and the probability of working for less than minimum wage is higher
among the less skilled, less educated, and female. As they are less likely to be active in
the labor market, we take this as a strong evidence that the minimum wage before the
increase in 2012 depressed employment.

The estimated treatment effect (wage gap) due to the minimum wage is sizable: our
best estimate for the daily wage ranges between .247.45 in log points. Using 300 bahts
minimum wage, these estimates correspond to 64 to 109 bahts as the estimated cost of
non-compliance. Our estimations also show that there is no strong evidence that the
minimum wage had significant direct impact on monthly wage.

Employing probit and multinomial probit, our estimations consistently show that
the employers’ compliance decision induce workers to be employed, rather than remain
inactive or self employed. We therefore conclude that the minimum wage increase in
201272013 produced north-eastward shift of the equilibrium along the labor supply
schedule.

We found that the large scale firms mostly comply with minimum wage, and in-
creased employment after minimum wage increase. Taken together with the fact that
their daily wages are highly concentrated within a narrow margin around the mini-
mum wage, we suspect tacit collusion to use the minimum wage as the focal point, and
they succeeded suppressing the daily wage before the 2012 increase in minimum wage.
Hence, as the minimum wage increases, these employers easily meet the regulation, and
expand the employment. These outcomes match predictions of the model of tacit collu-
sion in Section 3. On the other hand, our model prediction fails to capture the inverse
relation between the estimated treatment effect and firm scale. This is an agenda for
the future research??.

Even if the evidence is only circumstantial and may not be conclusive on the wage
collusion, it is difficult to deny the fact that the minimum wage had been kept too low for
the last two decades in Thailand, until the major increases in 2012 and 2013. Viewed
from this historical perspective, the minimum wage change had been long overdue,
and there perhaps remains little mystery why 70% increase in minimum wage did not
produce any major adversely effect on employment. Instead, if anything, the impact
on employment of low paid workers was positive, minimum wage increases benefitted
sizable population of workers who are paid minimum wage, without any visible adversely
effect on overall employment of low skilled workers.

32Tn Appendix 1, we extend the model into imperfect substitutions between labors, wherein the
'wage gap’ can depend also on substitution elasticity and other parameters.
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It goes without saying that the preceding analysis should be viewed in a proper
perspective. Absence of any major adverse effect on employment is conditioned by a
set of circumstances and pre-conditions which are rather unique to the case we have
analyzed. Even for Thailand, there is no guarantee that the future increase in minimum
wage will be equally beneficial. As a matter of fact, after 70% increase in 2012-13, it
seems even likely that another sizable increase in minimum wage generate a major case
of disemployment.

On the other hand, the case for the need to incorporate the compliance decision in
the analysis seems more widely applicable and not limited to Thailand, or not even to
developing countries.

The effect of minimum wage depends crucially on compliance decision. Our analy-
sis has shown that compliance decision has important and perhaps far more complex
interactions with the labor market institutions, characteristics of local labor markets,
not to mention how tightly the regulation is imposed. Our analysis in section 3 and
Appendix also indicate that the exclusive attention on labor demand is inadequate, if
not misplaced.

We are fortunate to have access to the data that includes information on compliance
by individual employer, which enabled us to incorporate such a decision in the empirical
analysis. At the same time, it is clear we need to go beyond what we have done in this
paper. Individual employment and wage we observe in the data is a joint outcome of
compliance decision (by employer) and the choice of employment (by workers). Unless
minimum wage compliance decision is totally exogenous, changes in minimum wage
induces changes in both sides. A full analysis of minimum wage calls for a full model
that incorporate decisions made by both sides.
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9 Appendix 1 Extending the model into finite sub-
stitution cases

9.1 A variant of Dixit-Stiglitz model

Here, we extend the model in the main text into cases with finite substitutions among
heterogenous labors. To ease the analysis, we adopt a Dixit Stiglitz model of infinite
variety for the labor heterogeneity that we specified in the main text. To fix the idea,
assume the production technology:

Yy = Q(D)aQI>O7Q” <0

D= ([ rimerac)”.

€0
1

€1 — €o

D=

Namely, the production function ), uses composite labor D as the only input, is increas-
ing and strictly concave in D. The composite labor, D, in turn, follows CES function
over the continuum of heterogenous labor.

To derive the demand for labor, solve the following problem:

max Q(D) — /61 w(e)m(e)de

€0

D= (/ . [m(e)]pde);

wherein the price of output is used as numeraire. The Lagranigian for this problem is
given by

subject to

L = Q(D)—/elw(e)m(e)de

€0

(/ . [m(e)]pde); _ D]

The system can be readily solved to obtain the system of the demand function for D :

+Q
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me) = (22) o,
o wle)

w<€) = Ta
QD) = w,
Q = (/ 1 T@(@)l_eLde) o : (A1)
e, = 1—0p

Namely, the demand for the heterogenous labor is proportional to D and its elasticity

with respect to the relative wage, %, is constant at €y,.

The equilibrium condition of a typical market for type e labor is

~ —er
(“é;)) D = n(e)A(ra(e)), (A2)
which can be used to obtain the equilibrium wage rate, w*(e).

9.2 Binding minimum wage

In the case of the binding minimum wage with perfect compliance, rationing occurs
for some of workers. But, unlike the textbook case, unless different labors are perfect
substitute, the disemployment effect is attenuated by substitution among heterogenous
labors. The demand for workers whose wage rate is constrained by the minimum wage

is given by B
w\ ¢ w
m(e) = (E) D < n(e)A <;)

wherein the efficiency unit wage with the binding minimum wage is given by

w(e) = %
Using
Be) = “’T(?

We continue to have

wle)\ -

N D =n(e)A(tw(e)), (A2)
for those above minimum wage threshold. The threshold productivity, e., is given by

w

Ce = Tw(e.)
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Without further restrictions on distribution n(e) of workers, the way in which minimum
wage binds is no longer obvious: it is possible that the minimum wage binds only in some
subset strictly interior in the worker distribution as there is no guarantee that ew(e)
is monotonically increasing in e. Setting aside theoretical curiosity, it is perhaps not
very interesting to consider cases wherein only high productivity workers are rationed,
or the lowest productivity workers are not rationed. Log differentiation of (A2) yields

en'(e)
n(e) < €1, + €y (A3)

as the condition that guarantees that the per person wage rate is monotonically in-

creasing in e.
Then the wage index is

1
el 1—eg, 1——eg, ec — 1—ep, el l—eg,
Qp = / T (@) de = / T (ﬂ) de +/ Tw(e) " Lde
e T e Te o

The aggregate demand for labor satisfies

Q'(D) =Qp

Recall in the main text we denote by m,, % change of variable x when minimum wage
changes by 1%.

_ dlog(z)
== dlog(w)
We have
Mp = —€pNqy, (A4)

wherein €p is the elasticity of demand for composite labor with respect to wage index
w, as defined above. Log differentiation of (A2) yields

(ex — GD)UQB
s €1, + € (AD)

Take log derivative of (A1b) and substituting (A4) for 75, we obtain the following

SB(GL + 6)\)
_ , A6
nQB SBEL‘f—G)\—i-(l—SB)GD ( )

SB (€L - ED)
N = . A7
w SB€L+€)\+(1_SB)ED ( )

as the elasticities of wage index (w) and wage rate for above minimum wage (w), wherein

ST () de
=l
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Hence we obtain

_ SB(GL—FE)\)GD
SBEr, + €\ + (1 - SB)ED

SB (EL - ED) €

SpeEr, + €\ + (1 - SB)GD

Np = —€pMNay, = <07 (A8)

Np, = €Nz = (A9)

These results generalize the one we obtained for the case of perfect substitute that
we analyzed in the main text. Namely, overall employment always decreases after an
increase in minimum wage, whereas the employment above minimum wage increases if
€, > €p, namely the elasticity of substitution among heterogenous labor exceeds the
demand for aggregate labor. Therefore, if the different labors are very poor substitute
each other, and also if the MPL is sufficiently insensitive to the labor input (large value
of €p), it is possible that an increase in minimum wage has general disemployment
effect. Otherwise, an increase in minimum wage reduces the overall employment but
the employment above minimum wage expands.

As the wage index rises as those with binding minimum wages are higher, there will
be substitution away from the composite labor. Thus employment at above minimum
wage are depressed to the extent that S declines. The severity of the rationing depends
crucially upon the elasticity of substitution among labor. If they are perfect substitute,
as in our main text model, we obtain complete rationing as there will be no demand for
low productivity workers. If elasticity is smaller, only some of workers will be rationed.

Now the crucial question is whether or not & is higher than the equilibrium wage
rate, w* without minimum wage. In the case of perfect substitute, there is no supply
of labor below threshold, so that the wage rate should increase to induce higher labor
supply from above minimum wage sector, although the rise in wage should be attenu-
ated somewhat by the substitution away from the composite labor. If the elasticity of
substitution is sufficiently low (e, < €p), the rationing of labor supply below thresh-
old is small. Thus, the wage rate & should decline somewhat to accommodate lower
demand due to higher composite wage.

9.3 Endogenous compliance decision

Consider now the compliance decision. If per person wage rate is below the minimum,
the worker receives

w(e) =ew(e) —c
so that per efficiency wage rate that a worker receives is given by

w(e) c

= (o) -

e e
Then, in such a market, the equilibrium condition is

(@) B D = n(e)A (T&b(e) - E) , (A10)

e

if Ted’(e) > w,
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whereas we continue to have

<$>_LD = n(e)A(rw(e)), (A2)
if re(e) > w

To proceed, let us assume, for the time being, that per person wage rate in both
cases are monotonically increasing in e. Suppose further that the minimum wage is
binding for some subset of productivity workers. By continuity, it is evident that there
exists threshold value of e, such that

(ng)—q D = nfeg)A (?)

i.e., the minimum wage just binds the market for type e, worker. Assuming the mini-
mum wage has enough bite, there also exists another threshold, e, such that

w \ w c
(TebQ) D= n(eb))\ (e—b — e—b)

i.e., at the market for type e, worker, the market just clears at the efficiency unit wage
rate eﬁb — é Thus for workers of productivity type below e, equilibrium per person
wage rate is strictly less than the minimum wage. By construction, we have ¢, < e,.

Hence the equilibrium efficiency wage rate is given simply by

w(e) = E, (A11)

e
if ey, < e<e,

Thus there exists spike at w(e) = W in the equilibrium distribution of (per person) wage

rate.

To sum up: (A2) holds if e > e,, the minimum wage binds if ¢, < e < ¢,, and (A10)
holds for e < e;,. To guarantee that these configuration apply, we take log differentiations
of the equilibrium conditions (A2) and (A10) with respect to e. Both differentiations
yield

en'(e)
n(e) < €1, + €) (A3)

d(ew”(e))
de

To solve for the impact of an increase in minimum wage, first, we rewrite (Al)
employing (A2), (A9), and (All):

el l—ep
QLT = / T (@) de
e T
€a b 1—er, €y W l—er el L
= / T(fu (e)) de+/ T(;) de+/ 7 (@%(e))
eo eq ep

1
,T = (Alc)

61—60’

as the sufficient condition for
>0
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After log differentiations of (A2) and (A10), we obtain

€rMNq, T My
0o —= A12
n <€L + 6)\) ( )
€LMa. + N
Nube) = < w”(rj (A13)
[EL + €x <wb(8)_£):|
We also have
Then, log differentiating (Alc) and using (A12), (A13) and (A4’), we obtain
Moo = Sco1EMupeleo <e<ep) +sc2 + (1= sc1 — sc2)Me,
1—e
Jorr (49) " de
Sc1 = Qlciq’ )
ST ()" de
Sc2 = Qlc_EL
Let us rewrite this further using
ca — €L — €
T(€a — e0)/ (e GD)bnw de = Y(er — en)nac
() [EL + € <—w;’u(e()62§>i| €L + €x
vy <1
Then we have
V(€L —ep)n (er —en)n
’l’]QC = SC1 o + SC2 + (1 — Sc1 — SCQ)—QC, (A14)

€r, + €x (EL + E)\)
Solve (A14) and substituting in (A12), we obtain

(er + €x)Sca
_ 7 Al5
fac (L =7)sc1+ sc2)er + (1 — (1 = v)sc1 — Sc2)ep + €x (A15)
(e —€p)(ex + €p)sca
o A16
e (1 =7)sc1 + sc2)er + (1 — (1 —)sc1 — Sca)ep + €x (A16)

Then these can be used to compute the impact on employment

N, = —€bplg,
= - (€2 + &) scacp <0 (A17)
(T =7)sc1+ sca)er + (1 — (1 —y)sc1 — sc2)ep + €x
(€L - ED) SC2€N

(T =7)sc1 + sc2)er + (1 — (1 —y)sc1 — sc2)ep + €x

Ny, = ENye = (A18)
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Compared to the perfect compliance ((A8) and (A9)), the impact of minimum wage
increase on average wage is smaller as below minimum wage equilibrate the demand
and supply in sub markets. Overall disemployment effect is therefore attenuated by
non-compliance. At the same time, the substitution effect continue to work to expand
employment at sub markets offering above minimum wage. Again, this expansion effect
is also attenuated by the non-compliance.

Qualitatively, the difference between the two cases lies in the fact that with endoge-
nous compliance decision, the effects are through the shift in the labor supply as the
cost of non compliance depresses the below minimum wage. In general, this negative
effect is milder than the (supply) rationing in the case of binding minimum wage. The
difference between the two cases is larger when the substitution elasticity is large among
different workers.

9.3.1 Size of spike at w =w

Crucial to the impact of minimum wage change on average wage is the relative size of
the spike of wage distribution at w = w.

(TQEC%)_EL D= nea)) @)

w o\ ¢ W oc
D= P p——
<Tchb> n(eb) (61, 65)

Taking log of the two equations, we have

er(log(eq) —log(ey)) = &+ ex(—log(es) — log(1l — B) +log(es)) ,

ﬂ —
w

og (5.

€a €\ 1
log (22 = log [ ——
og(eb) 5+5L+€)\ Og(l—ﬁ)

For example, if we use ATE estimate in Table 4, log (ﬁ) = .445, and assuming 6

o

Arranging terms, we get

is small relative to the second term, log <Z—:) is going to be a fraction of .445. For

example, if €7, is 4 times larger than €, log (Z—:) is around .08, i.e., e, >~ 1.08e¢,.

9.3.2 Disemployment effect of non-compliance

In the case of perfect substitute, the cost of non-compliance is paid entirely by the
worker and their per person wage is lower exactly by ¢. When labors are imperfect
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substitute, part of the non-compliance cost is born by employers. To see this, take the
log ratios of the two equilibrium conditions to get

log(w’(e)) — log(w(e)) =~ ELEitE/\a
_ cle
T

For example, suppose ¢y, is 4 times larger than ey. Then, w’(e) is roughly .2t log point
higher than the efficiency unit wage rate without non-compliance cost. In other words,
the w®(e) — c/e is pushed down by 6;1; = .8t log point by non-compliance cost, which
%. Take, for example, workers near the threshold
ep: their wage rate is roughly eEb — é If we use our base line estimate that this is below
the minimum wage by .445 log points, ¢ = .36. If we continue to assume €; = 4e,, the
disemployment effect is in the order of .288¢,, i.e., the effect is in the order of magnitude

of 28.8% increase in income tax, which can be substantial.

in turn lower the labor supply by

9.4 Tacit collusion

There is one modelling detail that we need to patch up before we proceed. In the main
text, we assumed that a set of firms collude in employing workers above minimum wage
threshold. This entails these firms employ only those above threshold productivity,
whereas the rest of firms employ below the threshold. In order to allow this specializa-
tion possible, we need to allow the production technology using only subset of workers.
Thus we assume

g = Q(DM),
e1 =
DM — (/ T’m(e)pde> :
, 1
T =
€; €;

for any (e;, e;) that jointly satisfy
e < e < €; <e;

With this assumption, any continuous subset of employers can be used to build a
composite labor input employing workers of type between e. and e; as we assume in
the main text . Then, the joint profit of the employers under tacit collusion is given by
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maxl = Q(DM)— / Mw(e))w(e)n(e)de
O ( / jM - <)\(§)n(e)> s / M 7 (Mw(e)n(e) T de) T
€, = 1T1p

1 (T AWM(e)nle)\
1+ — JwM(e) =70 A19
< + e)\) w'(e) =71 Quy ( D (A19)
that uniquely determines the monopsonistic wage rate. (A19) is finite substitution

version of the monopsonistic wage (E4b) in the main text. We can rewrite the above
as

—€r,

7 Mw™(e))n(e) = DM <1 i i> v

T IQ M
And we continue to have first order condition for the composite labor.

Q/( DM ) _ QM
Threshold value of e, is given by

Define

SMm

Using this, we have

and

(DM>% —DM-|—/61 ! myMy L
=Lp T (DY)
em



We can solve out for the elasticities in a manner similar to the above. The results
are:

—spex(er + €x)
= <0, A20
nQM SMED(EL—FE)\)—F(l—SM)<€D+€)\> ( )

SMEDE)\(EL +€)\)
spep(er +€x) + (1 — sy)(ep + €))
—SMEA(EL - ED)

= swenler+en) + (1—su)(en + €) (A22)

Npu = —€pNg, = >0 (A21)

nw(e)

Hence, the total labor input expands as a result of increase in minimum wage. The
efficiency unit wage rate, w(e), for above minimum wage will decline as in the perfect
substitute case provided that e, — ep > 0.

9.4.1 Expansionary effect on employment

As an illustrative example of the magnitude of expansionary effect of the increase in
minimum wage, we use (A21) and suppose €, = 2,ex = €p = .5,sy = .3.Then,
nen = .088. 1i.e., the elasticity of employment at collusive sector with respect to
changes in minimum wage is .088. Hence if we use the 70% increase in the minimum
wage during 2012-2013, the employment at collusive sector should have increased by
roughly 6.2%. This is comparable to 7.6% increase of the daily wage employment at
large firms (more than 200 employees) from 2011 to 2013.

This can be compared with the overall negative impact of minimum wage increase
in the case of competitive equilibrium with endogenous compliance. If we employ the
same values for common parameters, setting v = .5, and use figures in Table 1 of the
main text to set sc; = .222, 500 = .395, the elasticity of overall employment with
respect to minimum wage change is .095, which in turn translates into 6.7% decline of
employment by 70% increase in minimum wage.

10 Appendix 2 Data construction

10.1 Wage

The micro data is taken from Labor Force Survey of Thailand and is made available
through data center at Research Institute for Policy Evaluation and Design, University
of Thai Chamber of Commerce. The data is monthly from January 2001 til June 2013.
Prior to 2001, quarterly data from August 1985 til November 2000 are also available
but the use of these quarterly data are mostly limited to the analysis in Section 2.
Throughout this paper, I use only the wage data for daily and monthly wage. Wage
data for other types, such as hourly or weekly wages are not used primarily because of
the difficulty to convert them in the way comparable to minimum daily wage. Among
daily and monthly wage, I used samples whose reported working hours in the survey
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Table[A1 WorkingHours[pereek

wagelfype daily Wage monthly Wage
work [Bours [perMleek %[share cumulative® %[share cumulative#
share share
lessfhan[T0Hburs 1.25 0.89
less [fhan 20 Hours 3.35 1.68
lessfhanEB0Hours 8.51 5.10
lessfhanE36Hours 13.04 6.75
equalfo(35Hburs 241 15.46 25.29 32.04
lessfhan0Hburs 16.51 32.53
equalfo[@0hburs 8.25 24.76 17.12 49.65
equalfo[@2hburs 241 27.18 2.10 51.76
equalfo@5hburs 1.23 28.48 1.19 53.14
euqalfo[@BHburs 29.54 58.10 23.22 76.45
less [fhanE0hburs 0.87 60.87 1.15 77.60
equallar[8ss fhanB0hburs 3.00 89.79 2.60 91.52

week is 35 hours or longer. Table Al shows the distribution of work hours during the
survey week. 35 hours per week has now the highest share among the monthly wage
earners, whereas among daily wage earners, 48 hours per week is the norm, comprising
roughly 30%.

To obtain daily wage equivalent of monthly wages, I divide sample monthly wages
by 22.5. This conversion rate is based upon 5.5 working days per week and 16 national
holidays per year. After dropping samples below age 15 and over 60 (see below), and
screening away wages in excess of 4 standard deviations from means, we have 981,709
daily wage and 1,887,720 monthly wage observations.

10.2 Weights

The data includes frequency weights. Unfortunately, the weight data is somewhat
contaminated. As being a frequency weights, the grand sum of the frequency weights is
equal to the population: to be exact, the grand sum is equal to one third of population,
in order to retain the compatibility of the weights prior to 2001 when the survey was
conducted quarterly. Indeed, the grand sums of weights in all but 4 periods indeed
closely match one third of the population of the country. Grand sum of weights in
April, May and June 2004 survey data is, however, 2 to 3 times larger than one third of
the population. There are also sporadic (685) samples whose weights are smaller than
one in 7 surveys (the latest is November 2011). Because of these apparent anomalies,
I have no choice but avoid using weights in regression analysis unless otherwise noted.
I however ventured to use weighted data in some of tabulations by dividing weights in
4 periods by the average of neighboring months. Fortunately, the results differ little
when I use both weighted and unweighted samples.
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Table[A2Ihcidence @fMinimum[Wage[Change[1989~2013

mean[bhinimum mean

Month/Year %[change . Notes
wage increasel(in

Jan.[1989 64.7
Apr.[1989 66.7 3.0 1.9 alllprovinces thisedminimum Wage
Apr.[1990* 76.0 14.0 9.3 alllprovinces [thised minimum Wage
Apr.[1991* 84.3 10.9 8.3 alllprovinces [chisedmhinimum Wage
Apr.[1992* 96.6 14.7 12.4 alllprovinces [chisedminimumwage
Apr.[1993* 104.8 8.4 8.1 alllprovinces [thisedminimum Wage
Apr.[1994* 110.8 5.8 6.1 alllprovinces [chisedminimum Wage
Oct.[M994 112.9 1.9 2.1 alllprovinces [thisedminimum Wage
Jul.[1995* 1211 7.2 8.2 alllprovinces [chised mhinimum Wage
Oct.[1096* 1314 8.5 10.3 alllprovinces [Chisedminimum Wage
Jan.[1998 133.7 1.8 2.4 alllprovinces [thisedminimum Wage
Jan.[2001 136.7 22 3.0 alllprovinces [chisedmhinimum Wage
Jul.[2001 137.0 0.2 0.3 12[provinces [thised
Jan.[2002 136.7 @2 [@.3 7IprovincesIdwered
Jan.[2003 138.8 15 2.1 12[pFovincesmblchange
Aug[2003 138.6 @2 [@.2 17[provincesldwered
Jan.[2004 139.4 0.6 0.8 27[provinces[hised
Jan.[2005* 143.5 3.0 4.2 alllbutfprovinces [chised
Aug.[2005* 148.0 3.1 4.5 alllbutfiprovinces [chised
Jan.[2006 149.3 0.9 1.3 36lprovinceslthised
Jan.[2007* 154.0 3.1 4.7 57IprovincesIdhised
Jan.[2008 155.9 1.2 1.9 alllprovinces thisedmhinimumwage
Jun.[2008* 162.0 3.9 6.1 alllexceptioridiprovinces[raised.
Jan.[2010 165.2 2.0 3.3 alllprovinces [chisedmhinimum Wage
Jan.[2011* 175.8 6.4 10.6 alllprovinces thisedminimumwage
Apr.2012* 245.1 39.4 69.3 alllprovinces [chisedmhinimum Wage
Jan.2013* 300.0 224 54.9 alllexceptidrZiprovincesMhereminimum Wage Was thised fd [300thb [in Bpril (2012

*[@cluded@smajorlchanges(in minimum Wage [ Figure 3

10.3 Minimum wage

Table A2 collects information on minimum wage changes since 1989. As shown below,
some of changes involve downward adjustments and many increases in this century up
to 2010 are small. Consequently, we chose only major changes (indicated by asterisk in
table) in the analysis of the impact of minimum wage increases.

10.4 Labor force and work status

Unless otherwise noted, I use sample individuals aged between 15 and 59 as the labor
force. The cutoff at age 59 is used as age 60 is the most common mandatory retirement
age. If we use 2013 samples, the share of the employed peaks at age 35 at 50.8%. The
share remains above 30% until age 50, but then drops sharply after age 50, to 20.4% at
age 59, and only 13.8% are employed at age 60. By age 65, only 6.7% are employed.

10.5 Industry and Occupation Classification

The Labor Force Survey data include industry classification of employers using 6-digit
TSIC, Thailand Standard Industry Classification. Fortunately, this is conformable at
two digit level to ISIC, International Standard Industry Classification. I converted and
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M soth [l NothEast [l Noth

Figure 13: 7 regions of Thailand

aggregated 6-digit TSIC into 21 two digit ISIC. Individual samples are also equipped
with occupation classifications, which comes in 6-digit ISCO, International Standard
Classification of Occupation, compiled by ILO. I converted and aggregated this 6 digit
classifications into single digit 9 occupations category.

10.6 Province and regions

Thailand currently has 76 provinces and Bangkok metropolitan district as the base units
of local administration. These provinces are commonly divided into 5 or 7 regions. I
opted to use 7 regions: Bangkok and vicinity (6), Central (6), East (8), West (6), North
(17), Northeast (20), and South (14).
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11 Appendix 3 Additional results

11.1 Excluding Exempt workers

The minimum wage law in Thailand stipulates that the following workers are exempt
from the law: (1) employees of central, local governments and government enterprises,
(2) agricultural workers, and (3) part time workers. In the analysis of the paper, we
do not distinguish these exempt workers except that we use only samples with 35 hours
or more working hours®*. In the spirit of the model analysis in this paper, there is no
strong reason to treat separately these exempt workers in that below minimum wage
either at exempt or non-exempt sector incurs type of additional recruiting cost as we
argued in the main text.

We did some robustness checks, however. We ran switching regressions using only
subset of the samples who are not exempt from the minimum wage. The main result
(average treatment effect) are in Appendix Table A8 where we confirm that the main
findings are not materially influenced by this change. The estimated treatment effect
(cost of setting below minimum wage) are of similar magnitudes and the ATE are larger
at larger firms for daily wages, whereas as in the main results, the ATE are statistically
insignificant and small, and point estimates are often positive.

11.2 Flood in 2011

In late 2011, Thailand sustained a major damage from the flood of Chao Phraya river.
Bangkok and Ayutthaya were hit hardest. Hence, our measurement of the employment
change before and after the 201272013 hike of the minimum wage can overestimate the
impact of minimum wage change as the employment before the increase includes major
negative effect of the flood in the last months of 2011.

To remove the impact of the flood, we excluded two hardest hit provinces from the
data and repeated regressions reported in Table 8 . The main finding (results not
show here but available upon request) is that although the modifications do alter the
estimated coefficients somewhat, the changes are relatively minor and our main findings
are not affected. We also changed the benchmark period for the 2012-2013 minimum
wage changes from July 20117 December 2011 to January™ June 2011 and recomputed
changes in employment and repeated regressions reported in Table 8. Again, we found
no major changes.

11.3 Mobility across wage types

In this paper, we exploited the differences in two major types of wage payments, daily
versus monthly wages. In particular, we found the apparent downward bias of the wage

33The law defines 8 hours per day as the condition for the statutory minimum (daily) wage to apply.
At the same time, the law also states that workers less than 8 hours per day are also entitled to receive
hourly minimum wage which is equal to the daily minimum wage divided by 8 hours. As we stated
in the main text, we define full time workers as those with 35 hours or more of the work hours during
the survey period. See Table A1l
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paid at the large scale firms only among daily wage workers, not among those paid
monthly wages. Although available evidence indicates the sharp distinction between
the two types apply not only to the type of works, but also to the types of workers, it
is certainly possible that a worker may move from a job paying daily wage to another
paying monthly wage. For example, it seems possible that a worker is promoted within
a firm from a job that pays daily wage, to another job that pays monthly wage. If this
practice of promoting better workers from daily wage jobs to monthly wage jobs are
common only among large firms, the apparent downward bias of daily wage maybe an
artifact produced by this promotion ladder3?.

Although it is impossible to ascertain the quantitative significance of the possible
mobility across wage types within a firm, it should be noted that the tacit collusion
hypothesis is far more relevant to the wages for the newly hired workers, than to those
with long term tenure at the current employers.

11.4 Additional Figures and Tables

Table A3 part 1 and part 2 are results for monthly wage samples on which we obtained
the estimates of wage gap shown in Table 4.

Table A4 below are used to construct (i, s, p) used in the results shown in Table 4
part 2 and Table A3 part 2 above. The dependent dummy variable is equal to unity if
a sampled employer said that the employer adjusted the wage in line with the increased
minimum wage as of the first three months of 2013. The probit model is then used
to construct cell means of the predicted value over regions (76) , area type (urban or
rural), firm size (7 categories), and ISIC industry classifications (23 industries).

Table A5 is ATE estimates employing propensity score matching and they are com-
parable to those in Table 4 of the main text.

Table A6 list the episodes of the minimum wage increases which are used to construct
provincial panel data used in regressions reported in Table 8.

Table A7 replicates Table 1 using non-exempt samples only.

Table A8 re-estimates ATE using only non-exempt samples (excluding part time
workers, workers in government and governmental enterprises, and agricultural work-
ers).

34T attempted to collect some anecdotal evidence indicating whether or not such a practice (from
a job paid daily wage to another paying monthly wage) is common. In one correspondence with
a former HR head of a firm in Samut Sakon province (located west of Bangkok), she flatly denied
such possibility: ’ At our firm, those at supervisor and up are paid monthly wages, and the rest are
paid daily wages. Supervisors are recruited externally, and never promoted from within. They need
minimum a high school diploma, preferably a 2 year college diploma ’> This seems to be a norm among
large Thai manufacturing firms: paying daily wages for workers on the shop floor, including regular
workers, team leaders, and up to foreman. Supervisors and higher are paid monthly wages and they
are recruited differently. On the other hand, several field survey reports that Japanese manufacturing
firms or their subsidiaries in Thailand start conversion to monthly wages at lower level, typically from
team leaders and up, and most of them are promoted from within.
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Table A3 Switching Regression part 1 Logwage regressions : Monthly wage

treated [(kminimumwage)sbmples controlled [(3=mminimumage)shmples
sample all small medium large all small medium large
period 2001~2013  2012~13 2001~2013  2012~13 2001~2013 2012~13 2001~2013 2012~13 2001~2013 2012~13 2001~20" 2012~13 2001~2013 2012~13 2001~201:2012~13|

" mooos " 00271 7 00220 " 00193 " 00104 00227 " 00401 00157 ~ mooss ~ mo0668 ~ 0.0174 [0179  0.0049 ~ 0.0032  [0.0645 ~[@.0751
years[dfschooling v v v v v v v v v v v
©0.077)  (0.002** | (0.026)  (0.003)* = (0.028) = (0.027)  (0.256)  (1.503) _ (0.066) (0.003)** (0.178) (0.004)** (0.106) = (0.010)  (0.202) ~ (0.118)
00033 ~ [O0008 ~ 0.0013  [O0004 ~ 0.0027 ~ 0.0018 ~ 00008 ~ 0.0020 ~ 0.0040  0.0051  0.0015 0.0016  0.0034  0.0031 0.0063  0.0062
(0.007)  (0.000y** ~ (0.003)  (0.000)* = (0.006)  (0.004) ~ (0.042) ~ (0.124) = (0.003) (0.000)***  (0.005) (0.000)** (0.003) (0.000)*** (0.002)**  (0.011)

4 4 4 4 4 4 4 4 4 4 4 4 4 4 4 4
agelBlylears [df 0.0140 [0.0001 0.0073 [0.0011 0.0152 0.0115 0.0117 0.0118 0.0169 0.0131  0.0081  0.0049 0.0186  0.0150  0.0247  0.0201

v
years[dffschooling2 ,

schooling " 00200 7 0000) 7 (0.011)  (0.000p* ~ (0.039)  (0.013)  (0.138) = (0.267) ~ (0.010) (0.000)** (0.007) (0.001)** (0.007)*** (0.002)**  (0.038) ~ (0.077)
g g b h ' k . '
SD2(<5Employess) 090 | W1507 " mis20 " moaso maes " mosr7 "mi7e " motn7
0127y (0.012  (0.023"**  (0.008)** (0.189y  (0.009y**” (0.283)  (0.010)
. . Yy b
1230 0957 2111 | 00587
SD3(5~9[eEmployees) (0.2306 [0.095 o 0.0
©.126)  (0.011)* (0.100)*  (0.008)***
SD4Mo0~19 | m1553  [@0790 " mo479 " mos75 " m1413 " mos90 " mos3s " m0698
employees) " (0.133)  (0.010)** " (0423)  (0.028) " (0.148)  (0.008)** " (0.050)  (0.009)**
SD5M20~49 | [m1309 0653 " m1106 " m0328
employees) " (0.093)  (0.010)** " (0.132)  (0.007)**
SD6I50~99 | MO0900 | [0.0440 " mo732 " mooss
employees) " (0.131)  (0.014)** " (0.083)  (0.008)
SD7[00~199  [MO0660 L0165 " mo615 | mo271
employees) ©.015 " (0.011) " (0.051) (0.007)*
. . Yy y Y Y Yy . y Y . Yy . . Y .
Constant 09933 07399 | 07675 07004  0.6868  0.7596  0.7000  0.8175 ~ 0.6758  1.4969  0.6469 ~ 1.4686  0.4490 = 0.5858  0.9022  1.1096

r v 4

(0.744)  (0.058)* = (0.855)  (0.038)™  (1.198) (0.160)y™ ~ (2.573) @ (7.103)  (0.309)™ (0.087)*** (0.789) (0.055)*** (0.069)"** (0.180)"** (4.584) ~ (7.156)

p(withEelection [0.9958 0.0223 09946  0.1469918 [M.9960 [M.9970 ~ [M.9990 [.9966 [M.9994  0.6011 [M9998 0.4670 [M.9996 [M9763 0.4142 0.4428
equationliBsidual) ~ (033)™*  (0.054)  (020)™* (O73)**  (O74)**  (083)**  (196)™**  (337)*  (083)**  (.021)** (120)** (.068)™* (.146)™* (.040)** (11.78) (20.52)

Observations " 400737 | 61761 | 158361 17194 | 146,986 ~ 16,881 | 185300 27,686 490,737 61,761 158,361 17,194 146,986 16,881 185390 27,686
Robust[standardlefrors [id[parentheses
***[p0.01,FF [p0.05,FIp0.1
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Table A3 Switching Regression Part 2 Probit regressions for treatmeant : Monthly Wage

[sample all small medium large |
[period 2001~2013  2012~13 2001~2013  2012~13  2001~2013 _ 2012~13 _ 2001~2013 2012~13 ]
v(is,p) " moo2s " m3307 " 00303 ~ m5922 " 00266 ~ 00698  [M0547  [0.049

” (0.079) (0200 " (2261)  (0.316)* © (2.028) ~ (0.058)  (0.338) ' (36.478)
years [@Fsthooling 700151 7 MO0926 " MO0421 " @049 ~ [MO126 ~ M0241 ~ [M0869  [M.0339

7 (0.203)  (0.007)** " (0.089)  (0.010)** " (0.128) (0.011)* 7 (0.884) ” (1.793)
years BFsthooling2 ” MOo085 ~ 00007 ” MO0035 " MO016 ~ [MO076 ~ MO054 ~ [MO0021 ~ [.0041

” (0.017)  (0.000)* 7 (0.008)  (0.001)** " (0.014)  (0.001)** " (0.080) ” (0.160)
agelBlears@iEthooling ~ [M0365 © MO0118 7 MO0189 ~ [M0086 ~ [MO406 ~ MO0270 ~ [MO0275 ~ [M.0250
7 (0.052)  (0.001)**7 (0.030)  (0.001)** © (0.091)  (0.009)** ~ (0.119) ” (0.182)
female ” 00009 ~ 03391 " 00011 " 03159 ~ 00021 ~ MO0113 ~ 00317 00180
7 (0.092)  (0.013)** 7 (0.418)  (0.024)** " (0.111) 7 (0.015) ~ (2793) ” (5.953)

married ’ 0021 " M1968 7 MO0009 " [@2913 ~ [@O0043 ~ MO0013 ~ 00019 ” [@.0007
7 (0.056)  (0.012)** 7 (0.467)  (0.022)** © (0.389)  (0.009) ~ (0.845) ” (2.153)
SD2(<5[mployees) ” 07175 7 05920 " 02827 " 0.1575
(0.238)**  (0.098)** 7 (0.209)  (0.030)***
SD3(5~9/mployees) 704610 " 0.4098
(0.256)*  (0.086)"*
SD4[A0~19@mployees) 7 03077 " 0.3169 ” 041079 7 0.1352
7 (0.238)  (0.077)** ”(0.855)  (0.024)***

SD5[[20~49lemployees) 7 02537 " 0.2541
" (0.312)  (0.062)**
SD6IBO~99Employees) T 01692 " 0.1917
”(0.382)  (0.036)**
SD7[[00~199mployees) © 0.1360 " 0.1670
(0.020)***  (0.027)***

Constant ’ 05291 7 09202 " 09302 " 09933 ~ 12910 ” 07912 ~ 09971 06614
T (2211)  (0.246)** 7 (1.372)  (0.165)** " (4.216) ~ (0.603)  (0.965)  (30.786)

Observations " 490,737 " 61,761 " 158,361 " 17,194 " 146,986 ~ 16,881 " 185390 " 27,686
Robust[standardlerrors id[parentheses
***[p0.01, F [p<0.05, FIp<0.1
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Table[A4 Brobitégression fdradjusting fhe Mage fd mheetfhe minimum
wage[rg¢gulation

Coef. Std.Brr.  z P>z [95%[Conf Intervall

SD2 M.1771  0.0254 [46.3100  0.0000 [0.2270 [0.1273
SD3 [0.9870  0.0261 [37.8400 0.0000 [1.0382 [@9359
SDh4 08168  0.0276 [29.5500 0.0000 [M.8709 [0.7626
SD5 05984  0.0292 [20.5000 0.0000 [M.6556 [0.5412
SD6 [0.3524 0.0345 [10.2000 0.0000 [@.4201 [@.2847
SD7 01615 0.0328 [4.9200 0.0000 [M2259 [@.0971
ID1 04832 02186 [22100 0.0270 [@9116  [0.0548
ID2 0.0586 0.2428 0.2400 0.8090 [@.4173 0.5345
D3 0.3038 02177 14000 0.1630 [@1229  0.7304
D4 02722 03305 [[@.8200 04100 [@9199  0.3755
ID5 01914 02874 [@6700 0.5050 [M@.7548  0.3720
D6 0.3272  0.2181 1.5000  0.1340 [@.1004  0.7547
ID7 0.1872 0.2179 0.8600 0.3900 [@.2399 0.6142
D8 0.0572 02216  0.2600  0.7960 [@.3772  0.4915
D9 0.0114  0.2191  0.0500  0.9590 [@.4180  0.4407
D10 0.0524 02333  0.2200 0.8220 [0.4048  0.5096
D11 01365 0.2222 [@6100 0.5390 [M5720  0.2990
D12 [0.0041 0.2377 [@0200 0.9860 [[@.4700  0.4619
D13 0.1146 02302  0.5000  0.6190 [M.3367  0.5658
D14 0.0701 0.2226 03100 07530 [0.3663  0.5065
D15 [0.2033 0.3081 [0.6600 0.5090 [@.8072 0.4006
D16 [00576  0.2243 [@.2600 0.7970 [@4972  0.3820
D17 01239 02316 [@.5300 0.5930 [@5779  0.3301
D18 02948 0.2305 [M.2800 0.2010 [M7466  0.1570
D19 [01807 0.2263 [0.8000 04250 [M6242  0.2628
ID20 [@.2519 0.2259 [1.1100 0.2650 [0.6947 0.1910
AD1 0.0185 0.0152 1.2200 0.2220 [@.0112 0.0482
RD1 0.9022  0.0254 355000 0.0000 0.8524  0.9520
RD2 0.5161 0.0307 16.8100 0.0000 0.4559 0.5763
RD3 0.1883  0.0282 6.6800  0.0000  0.1331  0.2436
RD4 0.2071  0.0298 6.9500 0.0000  0.1487  0.2656
RD5 0.0885  0.0255 34700 0.0010  0.0385  0.1384
RD6 0.1685  0.0252 6.7000  0.0000 0.1192  0.2178

cons 0.0114 0.2191 0.0500 0.9580  [M.4181 0.4409

SD:[employerlsize[dummies [in@scendinglarder), ID: I$IC [ddustry
classification[dummies,[AD 1:[dummy formhunicipal@rea, [RD:[régional
dummies.[Theldependentiariable:[Employer(survey A 2013

Table[A5[Average [fleatmentleffect]
propensity[storematchinglestimations

sample

all small  medium large

employer(size

ATE

lesshanis.Fhore | [0.3055 M.3538 | [M.3150 ' [M.2072
thanBhinimumBtage  (0.002)***(0.003)*** (0.004)*** (0.004)***

Observations | 63,535 ~ 31,166 12,853 19,516

Standard[efrors M[parentheses ***[pk0.01,FF [pk0.05,FIpk0.1
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Table[A6[Ghanges[ih Hmployment[afte mhajoricreases i mhinimum

wage
L number[afWorkers labor [fdrce(skatus

minimum Wagelchanges -

n daily Wage monthly Wage work employed  self[@mployed

unweighted weighted  unweighted weighted  unweighted unweighted unweighted

Apr.[1990 1.012 0.894 1.130 0.989 0.957 0.940 0.977
Apr.[1991 0.860 0.901 1.020 1.044 0.988 0.959 1.031
Apr.[1992 0.817 0.845 1.020 0.991 0.932 0.890 0.999
Apr.[1993 0.921 0.913 1.025 0.992 0.954 0.910 1.024
Apr.[EhdQct.[1994 0.851 0.885 1.003 0.957 0.934 0.897 0.990
Jul.(1B95 1.316 1.183 1.010 0.986 1.026 1.087 0.943
Jan.[2005 0.985 1.321 1.090 1.331 1.332 1.371 1.278
Jan.2007 1.006 1.000 1.023 1.058 1.022 1.034 1.004
Jan.[2008 1.046 1.007 1.021 1.005 0.997 1.008 0.982
Jun.2008 0.911 0.936 0.997 1.010 0.998 0.975 1.035
Jan.2010 1.065 1.047 1.017 1.018 1.006 1.033 0.968
Jan.[2011 1.054 1.211 1.022 1.203 1.188 1.208 1.160
Apr.[2012[@hd[Jan.2013 1.077 1.082 0.980 0.962 1.007 1.018 0.999

Figures(in e fable [Ere [Gtios aféspective fijures Before End Efter e [change b [minimum Wage. BorEpisodes [priorfd 2001 [J
we [Use [quarterly[dataiihhmediatelyBefore [@nd Efterfhe change,MhereasfarlepisodesEfter2001,We [Wse Bimonths@verages for
before @nd@fterfiyures.SeeMable A1 forlhe [details

Table[A7 [Minimum Wageldompliance [(hon[Exempt

workers[dnly

daily ltage

monthly Wage/22.5

compared[idhinimum Wage

lesslfhan equallfd

morelfhan lessffhan equalid morelhan

Bangkok 0.134 0.594 0.272 0.046 0.000 0.942
Central 0.262 0.248 0.490 0.065 0.001 0.933
East 0.245 0.225 0.530 0.078 0.000 0.918
West 0.333 0.232 0.434 0.119 0.001 0.877
North 0.434 0.170 0.397 0.182 0.000 0.813
Northeast 0.413 0.176 0.411 0.222 0.000 0.776
South 0.364 0.167 0.468 0.141 0.000 0.857
Total 0.318 0.268 0.414 0.108 0.000 0.886

Figures [@[each(cellis fhe ShareldfWage Samples fhat@re [8ss fhan, [Equalfd, [r [mhore fhan [minimum
wage. [Bullfime Workers [(B5[Hours [per reek [ar [More) [anly
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Table[A8[Average [fteatmentldffect(honexemptisamplesidnly)

daily wage
Average[Treatment Average[TreatmentanfheTreated
samplelperiod 2001~2013 2012~2013 2001~2013 2012~2013
mean s.dev mean s.dev mean s.dev mean s.dev
alllsample [0.418 0.129 [0.463 0.064 @427 0.134 [0.431 0.077
smalllsize [0.558 0.096 0477 0.078 [0.569 0.101 [0.485 0.081
medium|size [0.435 0.105 [0.438 0.056 [0.489 0.103 [0.443 0.060
largelsize [@.229 0.081 [0.346 0.044 [@.257 0.053 [@.272 0.055
monthly lage

Average[Treatment Average[TreatmentlohfheMreated

samplelperiod 2001~2013 2012~2013 2001~2013 2012~2013
alllsemple [@.100 0.370 [0.093 0.329 [@.106 0.329 [@.097 0.303
smalllsize [@.092 0.262 [@.076 0.212 [@.101 0.238 [@.085 0.204
medium[size 0.362 0.122 0.706 0.281 [0.035 0.071 [@.104 0.081
largelsize 0.114 0.397 0.104 0.350 [0.156 0.071 @.117 0.070

Table[showsfhe@verage fdeatm entleffects @fflnon [dompliance, Based Wponfhe Estimation tésults [offhe Sitching k@ gressions.
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Figure 14: Each graph shows distribution of the ratio of daliy wage to minimum wage.
The y-axis shows the local density.
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Histgram for wage/minimum wage: monthly salary
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Figure 15: Each graph shows distribution of the ratio of monthly wage/30 to minimum
wage. The y-axis shows the local density.
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percentile

Daily wage distribution: June 2013
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Figure 16: Daily wage distribution for different sizes of employers.
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Share of less than minimum wage (excluding exempt workers)
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Figure 17: The share of wage samples with less than minimum wage when exempt
workers and sectors are excluded from the sample
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Gap measures (excluding exempt workers)
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Figure 18: Gap measures recomputed using only non-exempt samples.
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